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ABSTRACT
Failing public high schools are a perpetual limitation to community sustainability.
Conversely, economically disadvantaged communities more often produce schools with reduced
academic performance. Unfortunately, comprehensive community-based remedies are generally
outside the scope of a school district’s control. Social disorganization theory attributes variations
in crime and delinquency to a breakdown in communal structure and relationships. Applied in a
similar manner, social disorganization has also been associated with lower student achievement.
This research examined how social disorganization is associated with Florida public high
school academic performance in a two phase analysis at the community and school district
levels. In addition, the research tested a potential moderating effect of receiving the Five Star
School Award, recognizing family and community involvement, and Florida public high school
academic performance with social disorganization factors simultaneously considered. In the first
phase, the study used a cross-sectional, non-experimental design analyzing secondary data by
structural equation modeling (SEM) at the community-level. For the second phase, the study
used a cross-sectional, non-experimental design analyzing aggregated secondary data in multiple
linear regressions assessing statistically significant associations between social disorganization
predictors and school academic performance variables at the school district-level.
SEM analysis found a statistically significant and large negative association between the
social disorganization factors residential mobility, single-parent households, socio-economic
status and percentage of divorced or separated persons, and Florida public high school academic
ii

performance at the community-level. Also at the community-level, results showed that receiving
the Five Star School award for satisfying family and community involvement criteria had a
statistically significant but small positive association with Florida public high school
performance when social disorganization factors were simultaneously considered. At the district
or county level, multiple regression analyses found relevant negative associations between social
disorganization predictors low median income and ethnic heterogeneity and school district
average FCAT scores and Adequate Yearly Progress (AYP) percentages. The study results
reinforce existing neighborhood deprivation and social disorganization literature and articulate
the need for a community-based approach to improve high school academic performance.
Finally, the research suggests prominent education policy reforms may exacerbate social
disorganization in communities and proposes alternative policy implementations.
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CHAPTER 1: INTRODUCTION
As community income disparity widens, the academic achievement gap between the poor
and non-poor is now twice as large as the gap between White and Black students (Coley &
Baker, 2013). Within struggling communities, persistently failing high schools produce adults
with a greater probability of requiring social and financial support while committing more crimes
(Alliance for Excellent Education, 2011). Unfortunately, many assumed causal factors that affect
high school performance are outside the scope of a school district’s control. Even within the
same district, students from more affluent neighborhood schools consistently outperform their
low-income neighborhood peers (Schnellenberg, 1998).
Fifty years after desegregation, minority students in the United States disproportionally
attend schools that are segregated by race and/or income with approximately four in ten enrolled
with ninety percent or more minority populations (Coley & Baker, 2013). Combating the
inequity and challenges of concentrated poverty, a focus on and engagement with community has
been suggested to help bridge the achievement gap (Battistich & Hom, 1997; Capers & Shah,
2015; Epstein et al., 2002; Fan & Chen, 2001; Garner & Raudenbush, 1991; Henderson & Mapp,
2002; Jeynes, 2007; Jeynes, 2012; Johnson, 2012; Levanthal & Gunn, 2000; Spera, 2005;
Steinberg et al., 1992). Simply, the community and context therein matter profoundly as being
vital to both positive and negative academic achievement outcomes.
If the health and collective efficacy of a community is imperative in the success or failure
of public high schools, the prominence and nuance of neighborhood effect needs to be
scrutinized. Within that reasoning, if current policy measures addressing at-risk high schools
1

have an unintended negative consequence on struggling communities and/or those at-risk high
schools within their borders, research must address this paradox.
Social disorganization theory attributes variations in crime and delinquency to a
breakdown in communal structure and relationships. Broadly applied as explicit societal
constraints or influences within a community, studies have provided validation for the theoretical
model (Law & Quick, 2012; Patterson, 1991; Sampson & Groves, 1989). Applied in a similar
manner, social disorganization is associated with lower student achievement at the individual
level (Appleyard et al, 2005; Ainsworth, 2002; Baker et al, 2001; Bowen, Bowen & Ware, 2002;
Madyun, 2011; McCoy, Roy & Sirkman, 2013).
Dealing with elements outside the direct influence sphere of mutable school district
policy, educators struggle to find tangible methods to moderate perpetual inequity. Reaching out
to the community, schools have begun to embrace a multi-faceted approach that involves a
comprehensive list of community stakeholders. Supporting this tendency, Henderson & Mapp
(2002) established in their meta-analysis that family and community involvement is positively
associated with student achievement.
In a state with comparatively smaller school districts than Florida, Baker et al. (2001)
found when using community contextual variables to investigate Virginia eighth graders’
performance that seventy-five percent of the variance of academic achievement was attributed to
social disorganization latent variables at the district-level, and a similar, albeit slightly less sixtyfive percent of the variance of academic achievement attributed to social disorganization factors
when analyzed at the school level (Baker et al., 2001). When investigating individual versus
2

community levels, the White (1982) and Sirin (2005) meta-analyses found a greater association
with socio-economic effect on academic achievement at the community-level than the
individual-level. This discrepancy strengthens the argument for a community-based perspective
and policy intervention structure with special attention paid to context.
Johnson’s (2012) systematic review categorized eighty-three studies into six models
showing relationships between neighborhood and institutional outcomes in children’s education.
Using Bronfenbrenner’s (1986) ecosystems theory, Johnson (2012) concluded that research into
neighborhood effect and education outcomes is lacking due to a deficiency of proper
conceptualization and analysis rather than the absence of a correlation.
Using data from the School Attendance Boundary Survey (SABS) allowed analysis of
neighborhood demographic data aggregated from the 2006-2010 American Community Survey
(ACS) for each public high school community (U.S. Census Bureau, 2011a; U.S. Census Bureau,
2011b). Perhaps this distinctive opportunity permitted a more in-depth examination of
neighborhood effect as prescribed by Johnson (2012). The importance and distinction of
community attributes in regard to public high school academic achievement as well as the
embracing or neglect of such associations though current policy measures at the administrative
level is both timely and necessary. This study addressed this urgent imperative, providing
analysis of the effect of community factors on school achievement as well as investigating
current policy measures that may or may not be helpful in the success of at-risk high schools.
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The Social Ecosystem
Otis Duncan’s notion of the “ecological complex” is illustrated in Figure 1. For Duncan
(1964), social ecosystems consist of four key elements or properties that are closely interrelated:
population, organization, environment, and technology (the P.O.E.T. model). Embracing this
social and physical ecology allowed a macro-level or multi-dimensional exploration and analysis
framework. The basic model, like many attempts at modeling in the socio-environmental
sciences, has been criticized as oversimplified; however, the P.O.E.T. systems model, as a
conceptual framework, has stimulated a considerable amount of research and proved useful in
the emergence of environmental sociology (Humphrey & Buttel 1982; Dunlap et al, 1994, Buttel
& Humphrey, 2002; Wan, 2002). Mostly, it suggested that the adaptation of human action due to
ecological changes occurs in various ways. Simply, transformations in any one element may
have co-evolutionary effects on the others (Duncan, 1964).
When relating to policy, an intervention sequence within and between these elements can
be identified to enable a quantifiable palette of data, from which a multi-dimensional analysis
may occur (Wan, 2002). Using this construct, invention measures within or between each
element may be diagnosed. This framework provides a starting point from which appropriate
variables and pathways are identified. In creating a social disorganization ecology as part of the
structural equation model, this study embraced the policy ecosystem concept in applying various
indicators representing a public high school community and their potential effect on statemeasured high school academic performance.

4

Figure 1: P.O.E.T. Social Ecological Complex (Duncan, 1964)

Significance of the Study
This research examined how social disorganization is associated with Florida public high
school academic performance in a two phase analysis at the community and school district
levels. In addition, the research tested the potential moderating effect of receiving the Five Star
School Award recognizing family and community involvement and Florida public high school
5

academic performance with social disorganization factors simultaneously considered. In the first
phase, the study used a cross-sectional, non-experimental design analyzing secondary data by
structural equation modeling (SEM) at the community-level.
For the second phase, the study used a cross-sectional, non-experimental design
analyzing aggregated secondary data in multiple linear regressions assessing statistically
significant associations between social disorganization predictors and school academic
performance variables at the school district level (hereinafter referred to as district-level). SEM
analysis was not possible at the district-level due to the small sample size being insufficient to
detect effect using SPSS AMOS software, therefore multiple linear regression analyses between
the social disorganization predictors (aggregated to the district-level) and the three high school
performance dependent variables (aggregated to the district-level) were performed.
The Florida Department of Education (2011a; 2011b; 2014) provided data for the latent
endogenous variable (dependent) measuring Florida public high school academic performance as
well as the three district-level dependent variables FCAT Scores, Non-FCAT Scores and
Adequate Yearly Progress (AYP). The U.S. Census Bureau (2011a; 2011b) School Attendance
Boundary Survey (SABS) provided data for the latent exogenous variable (independent)
measuring social disorganization at the community-level as well as aggregate social
disorganization predictor variables at the school district-level.
This research used a community-based unit of analysis – a Florida public high school –
and the social ecology within its boundaries – which presented a unique and so far
uninvestigated perspective to gauge potential adverse social disorganization affects at the
6

community-level. In comparison, district-level analyses allowed to differentiate the social
disorganization effect at a larger geographical level. This provided an opportunity for decision
makers at the state or school district-level to benefit from understanding the nuanced differences
in community and school district level social disorganization manifestation and effect.
The concept and framework of the study aimed to provide a multi-dimensional
exploration into the effects of macro-level or societal factors on Florida public high school
academic performance scores from a community-based perspective. From this research, it is
hoped that future community-based policy measures may be gleaned to improve the education
equity of Florida public high schools. Investigating the effectiveness of the Florida Five Star
School award allowed for the analysis of a state-wide family and community involvement
initiative and a potential community-based solution to a community-based problem.
The issue of a profound environmental and contextual association with educational
performance crosses several disciplines within the public sector spectrum. Without an
interdisciplinary approach, a comprehensive solution may not be tenable. This study
operationalized a model useful to multiple disciplines with a common interest or stake in public
education performance in a community context.
Finally, the prospect to study social disorganization and neighborhood effect for the
2010-2011 school year was opportune as the State of Florida has recently signed into law House
Bill 7029 allowing open enrollment for all schools and students without regard to school district
boundaries (Mitchell, 2016; Florida House of Representatives, 2016). Understandably, the ability
to measure community-level effect beyond 2017 will prove more difficult as school attendance
7

boundaries may blur with active and/or affluent parents transporting their children to more
desirable high schools outside their community or school district. Finally, this research addresses
the paradox of whether current policy measures such as open enrollment and the effects of No
Child Left Behind are neglecting the importance of community in the ability to improve public
high school academic performance and are in fact exacerbating social disorganization within the
community. As reinforced by this study, a large, significant negative effect of social
disorganization on high school performance mandates the recognition of concentrated
neighborhood deprivation as well as the embracing of a community-based solution to inequity.

8

Definition of Terms

Adequate Yearly Progress (AYP)
The No Child Left Behind Act of 2001 (NCLB) mandated that all schools meet Adequate
Yearly Progress (AYP) goals for participation, reading proficiency, math proficiency, graduation
rates and other factors in aggregate as well as for defined at-risk subgroups. Schools that do not
meet basic standards set forth by the state must increase performance grades by one percent
annually to have earned satisfactory progression. For each school, overall student performance is
considered as well as the performance of subgroups composed of state defined at-risk
populations. NCLB (2002) allows state governments the right to terminate the employment of
teachers, staff and/or administration for schools routinely failing to meet AYP goals.

Community
For the purposes of this study, the term “community” refers to the collective inhabitants
and the physical and social environments of the neighborhoods comprising a high school
attendance boundary catchment area. This means all inhabitants from which high school-aged
children in the household would be forced to attend a dedicated Florida public high school (if not
attending an alternative public school or private school). Therefore, a “community” prefix
designates a respective population and environment from which one traditional high school
attendance boundary was drawn for the 2010-2011 school year in the State of Florida.

9

Ethnic Heterogeneity
Ethnic heterogeneity is the probability that two persons chosen randomly from a group
will not be from the same ethnic group. The original rationale of a negative ethnic heterogeneity
association with social organization was the potential for antagonistic relationships between a
segmented and diverse community makeup (Shaw & McKay, 1942). The inclusion of ethnic
heterogeneity as a component of social disorganization been subsequently validated by other
researchers (Law & Quick, 2012; Patterson, 1991; Sampson & Groves, 1989). This measure is
similar to ethnic diversity indexes or calculations which are designed to measure the diversity of
a population, for this study that being the community within the traditional school area boundary
catchment areas for one traditional public high school (Education Data Partnership, 2014).

Five Star School Award
The Florida Department of Education Five Star School award (see Appendix A) was
created by the Commissioner’s Community Involvement Council and designed to recognize
exemplary community involvement practices by individual schools (Florida Department of
Education, 2015b). To receive the Five Star School Award designation, each school must
provide documentation showing it has achieved one-hundred percent of all criteria in five
categories: Business Partnerships; Family Involvement; Volunteerism; Student Community
Service; and operating satisfactory School Advisory Councils (see Appendix A). While not a
direct duplication, the framework for the Five Star Award overlaps significantly with the Epstein
et al. (2002) School-Family-Community partnership factors of parenting, communicating,
10

volunteering, decision-making and collaborating with the community. That being the case, an
opportunity for more rigorous family and community involvement analysis, similar to the
validated Epstein et al. (2002) model, existed and was explored.

No Child Left Behind Act of 2001
The No Child Left Behind Act of 2001 forced States to implement accountability
mechanisms with the power to dictate education parameters, restructure organizations, or
ultimately take over or close failing schools and/or school districts (No Child Left Behind
[NCLB], 2002). Accountability is measured by variables such as graduation rates, standardized
test results, attendance records, the percentage of students tested, the percentage of students
taking advanced placement courses, among other criteria, with an emphasis on improvements
made by designated subgroups such as minority, low socio-economic status, disabled and/or
limited English proficiency students (NCLB, 2002). Schools that repeatedly fail to meet
Adequate Yearly Progress (AYP), a measure of improvement to standards set by the state, are
designated “failing” and face restructuring, lay-offs or closure.

Open Enrollment
Open enrollment in the context of public K-12 education refers to the ability of students
to attend equivalent level public schools outside their designated high school boundary
catchment area or school district, provided a certain set of criteria is satisfied. In most cases, this
refers to basic academic and disciplinary standards being met as well as receiving school
11

capacity or enrollment process fulfilled (Hong & Choi, 2015; Lavery & Carlson, 2015, Mills,
2013; Sirer, Maroulis, Guimera, Wilensky & Amaral, 2015).

Residential Mobility
Residential mobility measures the frequency with which residents move in and out of the
community. It is one of the five elements in the Sampson and Groves (1989) social
disorganization framework and used as an indicator variable for the social disorganization latent
variable in this study. Research has linked residential mobility to lower FCAT scores (Mullins,
2011). In this study, residential mobility is measured using SABS data reporting the percentage
of persons who had lived in a different address the year prior to their response (U.S. Census
Bureau, 2011b).

School Attendance Boundary Area or Catchment Area
See Community.

Social Disorganization
Social disorganization theory was first applied to attribute variations in crime and
delinquency to a breakdown in communal structure and relationships (Shaw & McKay, 1942).
Broadly applied as specific societal constraints or influences based within a specified
geographical area, studies have validated the theoretical model (Law & Quick, 2012; Patterson,
1991; Sampson & Groves, 1989). Using data from the British Crime Survey, Sampson and
12

Groves (1989) found that three primary mediating mechanisms for crime were significantly
affected by five community-based factors constituting their interpretation of social
disorganization: socio-economic status, ethnic heterogeneity, residential mobility, urban
proximity and family disruption.
Social disorganization may be the antithesis of social capital or collective efficacy, and
provides a framework from which neighborhood deprivation effects may be measured. Applying
the model to education performance, social disorganization has been associated with low
academic performance in children (Appleyard et al., 2005; Astone & McLanahan, 1991; Baker et
al., 2002; Bowen, Bowen, & Ware, 2002; Madyun, 2011; McCoy et al., 2013).

Conceptual Model
The conceptual model (Figure 2), was composed of two latent variables: Social
Disorganization and High School Performance. High School Performance measured the
academic performance of each public high school using the three primary elements constituting
an annual grade in the State of Florida for the 2010-2011 school year (Florida Department of
Education, 2011a; Florida Department of Education, 2011b). This latent variable served as the
endogenous, or dependent variable. The high school performance latent variable adopted the
three primary academic performance measures for the 2010-2011 school year: FCAT score,
Non-FCAT score and Adequate Yearly Progress (AYP). The Five Star School Award variable
served as a moderating variable measuring whether a school has satisfied the family and
community involvement criteria or not.
13

Figure 2: Conceptual Model
The social disorganization latent variable adopted the elements from the Sampson and
Groves (1989) framework: ethnic heterogeneity, residential mobility, socio-economic status,
family disruption and urbanization. Family disruption was represented by two indicator
variables; single-parent households and divorced or separated persons. Similarly, socioeconomic status was represented by two indicator variables: low median income and low
education attainment. Finally, urbanization was represented by community size. This latent
variable served as the exogenous (independent) variable.
The unit of analysis for the first phase of the study representing the community-level was
a Florida public high school with traditional school attendance boundary catchment areas
situated in one of the 29 districts (counties) with SABS data (see Appendix D). The unit of
analysis for the second phase of the analysis representing the district-level was a Florida school
14

district with traditional school attendance boundary catchment area data available in the SABS
data (see Appendix C). Community-level and district-level differences were measured. This was
accomplished in the second phase of the analysis by running multiple linear regressions as the
district-level sample size was too small to detect effect using SPSS AMOS software. Separate
multiple linear regressions were performed between social disorganization predictors and high
school academic performance measures FCAT scores, Non-FCAT scores and AYP aggregated to
the district-level.

Generalizability

This study hopes to provide an analysis that is generalizable beyond the traditional public
high school communities in Florida. Table 1 lists demographic data compiled by the U.S. Census
(2011a; 2011b; 2016) via the 2010 Census, the 2006-2010 ACS survey and the aggregated 20062010 School Attendance Boundary Survey (SABS). In Table 1, three groups are compared: the
2006-2010 SABS data used in this research; the State of Florida; and the United States.

15

Table 1: SABS Data Versus State of Florida and United States Demographics (2010 Census)
2006-2010 SABS Data
State of Florida
United States
Population
16,896,346
18,801,310
308,745,538
Black or African American
15.7%
16.0%
12.4%
Hispanic (any race)
20.5%
22.5%
15.7%
Non-Hispanic White
60.0%
62.0%
63.8%
Single Parent Households
17.7%
17.5%
18.1%
Median Household Income
$50,847.00
$46,077.00
$51,914.00
Divorced or Separated
28.7%
30.3%
25.3%
High School Diploma or Higher
85.4%
85.4%
85.1%
Bachelor’s Degree or Higher
25.8%
25.7%
29.3%
(U.S. Census, 2016)
As is noted in Table 1, the State of Florida and SABS data are quite similar despite the
limited number of counties (29) in the sample. The 38 counties not included in the SABS data
are generally the least populated among the 67 counties, containing only a fraction of the entire
population, thereby changing the overall demographics slightly (see Appendix C). While a true
rural versus urban social disorganization effect is limited by the exclusion, certain demographic
factors of the SABS are more comparable with the United States data. For example, SABS Black
or African American and Hispanic (of any race) were more in line with the national percentages,
albeit slightly higher. In addition, SABS median household income and the percentage of
divorced or separated were closer to the United States numbers than the state as a whole. The
SABS percentage of single-parent households and education attainment demographics were
almost identical with the State of Florida, with both rates of college graduates being below the
national average. Overall, the similarity between the demographic data is ample, however,
generalizability concerns were noted, especially cultural, structural and environmental impacts.
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For the 2010-2011 school year, there were 507 public high schools in the State of Florida
distributed into 67 county-based public school districts. The majority of all Florida public
schools qualified as Title I schools (71.2%) with over half of all students qualifying free or
reduced lunches (53.5%). In addition, almost one in ten students (8.8%) were enrolled in limitedEnglish proficiency programs. Less than half of the students were non-Hispanic White (45.9%)
with Black (23.9%) and Hispanic (27.2%) students representing significant minorities. The 2011
graduation rate was 71%. Florida students scored slightly below average in eighth grade NEAP
assessment scores in both math and reading and 58.8% attended some sort of higher education
training after high school (Meador, 2014). For this study, SABS community data allowed for the
study of 315 public high schools with traditional school attendance boundary catchment areas
from 29 school districts representing the higher populated counties in Florida (see Appendices C
and D).
The 315 public high schools analyzed in the study were selected as follows: first, the
SABS data was limited to 29 school districts or counties, removing 87 public high schools from
the excluded 38 school districts or counties; second, 105 public high schools were removed from
the analysis due to being open enrollment charter schools, magnet schools, special education
schools or data was excluded from the SABS. Most of the excluded schools within the 29 SABS
included school districts were charter schools or specialty schools with inter-district open
enrollment and/or magnet characteristics (see Appendices C and D). No public high school with
a traditional school attendance boundary catchment area, and within the 29 included school
districts, and having complete SABS data was excluded.
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Research Questions
1. How are social disorganization factors associated with Florida public high school
academic performance at the community-level and how does that interrelate with current
policy initiatives?
2. How is receiving the Five Star School Award by satisfying all state family and
community involvement criteria associated with Florida public high school performance
when social disorganization factors are simultaneously considered?
3. How are social disorganization factors associated with Florida public high school
performance at the district-level (county) and how does that contrast with social
disorganization manifestation at the community-level?
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CHAPTER 2: LITERATURE REVIEW
This literature review was intended to establish a contextual framework and proper
theoretical direction for the research design and parameters considered. This chapter addresses
prior neighborhood effect research on student academic achievement. From this, the impetus of
the No Child Left Behind Act of 2001 is then discussed. The succeeding subheading examines
social disorganization theory as applied to crime and education outcomes. Following this,
additional subheadings for socio-economic status and family disruption as applied to education
outcomes are conferred. The subsequent subheading explores current policy interventions at the
administrative level with the additional subheadings of family and community involvement, open
enrollment and charter schools. Finally, a synthesis of the information presented is applied and
hypotheses posited.

Neighborhood Effect
Almost 30 years ago, Garner and Raudenbush (1991) used hierarchal linear regression
modeling to test neighborhood effect on education outcomes for an educational authority in
Scotland. Applying Census of Population survey data while controlling for student ability and
family background, the authors found a significant negative association between neighborhood
(or social) deprivation and educational achievement. Explicably, they concluded that extensive
policy actions were needed with a prominent focus on alleviating neighborhood deprivation and
inequity if any real improvements in education outcomes were to be realized (Garner &
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Raudenbush, 1991). The community was both the aggravator and antidote. Applied to aberrant
behavior at the community-level, Battistich and Hom (1997) concluded that schools with a
higher sense of community among students experienced significantly less drug use and
delinquency. The case for the inclusion of community as external social and environmental
factors in policy research is not a new one.
As implied by Duncan (1964), understanding the effect of the social ecosystem and
environment around and amongst a societal issue allows for a multi-dimensional approach to
successful policy remedies. Bronfenbrenner (1986) embraced this perspective to investigate the
influence of external environments on a family’s capacity to “foster the healthy development of
their children” (p.723). He suggested layers of the environment interact from inner microsystems
to all-encompassing macrosystems, providing pathways and influence from which a better
understanding of the nuances of external influence may emerge (Bronfenbrenner, 1986).
Recognizing the networks contained within this broader ecosystem, Putnam (1993)
recognized and labeled a measure for such beneficial social associations. His theoretical “social
capital” model highlighted the features and mechanisms of social organization including
measuring the networks, norms, and trust requisite to maximize the investment of resources,
human or otherwise. This new social capital resource could be measured and examined with the
hypothesis that a greater accumulation results in better use of resources, or a mitigation of
negative neighborhood effects itself (Putnam, 1993). Applied here, by recognizing the intricacies
of the public education policy ecosystem and establishing positive pathways of social
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organization, perhaps policy interaction may be realized beyond solely increasing monetary
resources or punitive accountability methods.
Similar to Putnam’s (1993) social capital, collective efficacy is defined as “social
cohesion among neighbors combined with their willingness to intervene on behalf of the
common good” (Sampson, Raudenbush, & Earls, 1997, pg. 918). Using data from the Project on
Human Development in Chicago Neighborhoods (PHDCN), Sampson et al. (1997) found that
when controlling for individual-level characteristics and prior incidents, collective efficacy is
negatively associated with variations in violence and occurred with high between-neighborhood
reliability. From this background in crime analysis, it is not surprising that the inclusion of a
rigorous neighborhood effect analysis in concert with examining school academic performance
has been suggested necessary (Garner & Raudenbush, 1991; Levanthal & Gunn, 2000; Johnson,
2012).
Sampson (2012) has continued to challenge the assumption that neighborhood
deprivation effects are not spatially related. His emphasis on the importance of place is a product
of decades of research using extensive data from his Project on Human Development in Chicago
Neighborhoods with regard to residential mobility, crime, poverty, unemployment, civic
engagement and the physical properties of the community. He proposes that the persistence of
segregation due to ethnic heterogeneity, residential mobility and low socio-economic status is
proof of neighborhood effect. The research challenges that social capital measures do not
adequately measure the usefulness of social networks and extrapolating it directly to collective
efficacy is problematic. Instead, Sampson (2012) found an interdependence between other
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collective efficacy factors such as trust, cohesion and social control – the lack of which forming
cogently bundled clusters of deprivation. He is not alone to emphasize the importance of
geographic place.
Arguing for more comprehensive and centralized urban policy in Place Matters, Dreier,
Mollenkopf and Swanstrom (2014) explore the rising inequality and political context therein.
They argue for the importance of place using examples from political election demography to
public reaction to tragedy. In the end, the authors contend that a strong urban center is imperative
in the social health of a metropolitan area with the distance of the suburbs to the core correlating
with the mutually beneficial interest of the locale. Place Matters suggests suburban self-interest
creates obstacles to metropolitan cooperation and requires diverse political coalitions, if not
structural reorganization at a regional or greater level (Dreier, Mollenkopf, & Swansrom, 2014).
The rationale that removal from at-risk communities is the crux of potential solutions has
proven problematic. The U.S. Department of Housing and Urban Development attempted to
combat the effects of poverty in 1994 with the Moving To Opportunity (MTO) initiative, which
allowed families from impoverished areas to relocate to more affluent neighborhoods in five
major U.S. metropolitan areas (deSouza Briggs, Popkin, & Goering, 2010). Based on the
desegregation plan proposed as a result of the 1976 Supreme Court decision in Gautreaux v.
Chicago Housing Authority, research was conducted on the interventions as well as outcomes of
the initiative. The Chicago study found that the mostly black families, now in predominantly
white neighborhoods, saw improvements in child education and adult employment. Assumptions
were that the larger MTO initiative would yield similar results (deSouza Briggs, Popkin, &
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Goering, 2010). Unfortunately, the results of the MTO initiative did not prove as hopeful.
Limited educational or employment benefits occurred with the many of the residents moving
back to old neighborhoods to be closer to family and friends. Limitations such as a lack of
adequate public transportation, housing instability and proper counseling were noted as well as a
prominent motivation of those to move or remain in the new areas for safety rather than socioeconomic benefits (deSouza Briggs, Popkin, & Goering, 2010; Sanbonmatsu, Kling, Duncan, &
Brooks-Gunn, 2006). MTO, as well as the national initiative covered in the next section, suggest
that while well most centralized policy movements are well intentioned, the lack of a diverse
application with regard to several nuanced neighborhood and cultural factors makes a universal
application difficult if not counterproductive (deSouza Briggs, Popkin, & Goering, 2010;
Sanbonmatsu et al., 2006; Wei, 2012; Weinbaum, Weiss & Beaver, 2012).

No Child Left Behind Act of 2001
National standards for public education are not unique from a global perspective but the
No Child Left Behind Act of 2001 provided a new paradigm of centralized public education
performance accountability in the United States. In response to the federal mandate, states were
forced to implement accountability mechanisms with the power to dictate education parameters,
restructure organizations, or ultimately take over or close failing schools and/or school districts
(No Child Left Behind [NCLB], 2002). Accountability is measured by variables such as
graduation rates, standardized test results, attendance records, the percentage of students tested,
the percentage of students taking advanced placement courses among other criteria, with an
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emphasis on improvements made by subgroups such as minority, low socio-economic status,
disabled and/or limited English proficiency students (NCLB, 2002).
The No Child Left Behind Act of 2001 (NCLB) mandated that students and schools meet
Adequate Yearly Progress (AYP) goals for participation, reading proficiency, math proficiency,
graduation rates and other factors in aggregate as well as for each subgroup (Florida Department
of Education, 2011b). Schools that do not meet basic standards set forth by the state must
increase performance grades by one percent annually to satisfy acceptable progression. For each
school, overall student performance is considered as is the performance of subgroups composed
of state defined at-risk populations. If a school routinely fails to meet AYP, they may be
designated “failing” and undergo punitive restructuring. NCLB (2002) allows state governments
the right to terminate the employment of teachers, staff and/or administration for failing schools.
Unfortunately, the NCLB failing designation has unintended consequences to the
community. Originally intended to help at-risk schools in struggling communities, the “failing”
designation has been empirically linked to lowering property values (Bogin & Nguyen-Hoang,
2014). In addition, measures such as the Florida Opportunity Scholarship allow higher
performing students to transfer from failing schools, making at-risk schools grades suffer further
(Chakrabarti & Schwartz, 2013; Lavery & Carlson, 2015; Sirer et al., 2015). The potential to
exacerbate social disorganization factors in the community raises the question of whether such
an effect is counterproductive in the fight to improve at-risk schools. Specific to this dilemma,
Chakrabarti & Schwartz (2013) found that the Florida Opportunity Scholarship allowing higher
performing students to transfer from failing schools was associated with tactics on the part of
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educators and administrators to “game” the system whereby struggling students are reclassified
in order to improve overall school scores. These externalities are similar to other “gaming”
strategies that have been employed to achieve NCLB mandated standards (Amrein-Beardsley,
2009). As the potential for restructuring, mass firings, and funding losses loom, this urgency is
not out of the realm of expected behavior at the community or district levels.
Research has tested the effectiveness of the NCLB impetus on improving schools deemed
unsatisfactory given the state implementation of the federal criteria for performance. Wei (2012)
concluded there was an inconsistent pattern of relationships between strict state-enforced NCLB
accountability systems and student achievement, and thereby NCLB has not created equal
outcomes across diverse academic subjects and minority groups. The research showed that only
one subgroup, fourth grade Hispanic students, improved their scores in math. The study also
found no association between accountability rigor and Black students’ math achievement with
some negative effects on eighth-grade Black students’ reading attainment (Wei, 2012). In a
similar study, Weinbaum, Weiss and Beaver (2012) argue that whether high or low achieving, a
school or district’s methods are not as different as generally assumed. They suggest that school
performance is not directly related to strategy selection and “teaching to the test is a rational
response to current policy” (Weinbaum, Weiss & Beaver, 2012, pg. 10). This complicates the
matter by suggesting mandating benchmark or exemplar tactics to improve performance is not as
effectual as hoped, and that context and place matter more than addressed by measures in NCLB.
Further research is ongoing; however, the lack of clarity and empirical evidence may
suggest a deficiency within the NCLB mandate. This study argued that NCLB, while recognizing
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equity in its focus on subgroup achievement, allows little remedy for a potential negative
neighborhood effect on academic performance in at-risk communities. Instead, mechanisms
within an application of punitive state actions further exacerbate the self-perpetuating effects of
neighborhood deprivation. As indicated previously, this manifests through an attrition of high
performing students from failing schools generally from families with the resources to transport
to and/or pay for higher performing schools elsewhere.

Social Disorganization
Social disorganization theory was first applied to attribute variations in crime and
delinquency to a breakdown in communal structure and relationships (Shaw & McKay, 1942).
While not explicitly mentioning an education application, many theorists have recognized the
varied contextual utility of social disorganization theory applied to other modern societal
dysfunctions including academic performance (Baker et al., 2002; Bowen, Bowen & Ware,
2002; Bursik, 1988; Kubrin & Weitzer, 2003; Madyun, 2011). Broadly applied as specific
societal constraints or influences based within a specified geographical area, studies have
validated the theoretical model (Law & Quick, 2012; Patterson, 1991; Sampson & Groves,
1989).
Using data from the British Crime Survey, Sampson and Groves (1989) found that
primary mediating mechanisms for crime were significantly affected by five community-based
factors constituting their interpretation of social disorganization: socio-economic status, ethnic
heterogeneity, residential mobility, urban proximity and family disruption. Similarly, Patterson
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(1991) concluded that key measures of community social disorganization were significantly
correlated with crime and delinquency, with the strongest associations being non-economic
factors. More recently, Law and Quick (2012) juxtaposed their social disorganization findings
relating to juvenile offenders as a means to question placement of delinquents in geographic
areas that are associated with high risks of recidivism.
With considerable research on social disorganization theory in the urban setting, findings
on generalizability to the rural environment are inconsistent. Often cited as partial validation for
social disorganization theory in the rural environment, Osgood and Chambers (2003) found that
rural settings did not differ exceptionally from the urban setting. On the other hand, Kaylen and
Pridemore (2013) found that among Missouri youth, only one factor – single-mother head of
households – was significantly related to crime. Perhaps further examination is appropriate.
Similar to the capacity to obey the law, the application of social disorganization theory to
education outcomes has been limited albeit some studies have emerged. Madyun (2011) suggests
the confines of an explicit focus on standardized test score disparity between a majority nonHispanic White community and a majority minority community – rather than the actual
community itself – opens the door for a social disorganization analysis. By exposing the unseen
dangers associated with community deprivation rather than race, a more informed and effectual
discussion may take place. This conceptualization of neighborhood effect may be judicious, as
the achievement gap for African-Americans has not substantially changed since the 1950’s
(Roach, 2005).

27

Analyzing longitudinal reciprocal relationships between neighborhood crime and schoollevel academic achievement in five hundred urban schools, McCoy, Roy and Sirkman (2013)
found that higher neighborhood crime predicted decreases in school academic performance over
time. This was especially true for greater violent crime incidents. Other correlations, such as
school climate were found, however, the research suggested additional exploration is needed to
better understand and conceptualize neighborhood climate effect on performance (McCoy et al.,
2013). Extrapolated from this research, even if social disorganization factors are not directly
related to school performance, their collective association with an increase in crime may have
similar effect.
Cumulative risks such as child maltreatment, inter-parental violence, family disruption,
low socio-economic status and high parental stress has been found to predict behavior problems
in adolescence (Appleyard, Egeland, Dulmen & Sroufe, 2005). Even the perception of
neighborhood social disorganization among secondary school students was found to have a
strong correlation with self-reported negative educational behavior (Bowen, Bowen & Ware,
2002). As indicated earlier, empirical evidence supports a relationship between social
disorganization factors and societal dysfunction (Baker et al., 2001; Law & Quick, 2012;
Patterson, 1991; Sampson & Groves, 1989). Further research is necessary to clarify social
disorganization’s association with poor academic performance in public high schools. The
availability of data from the U.S. Census Bureau (2011a) SABS and the Florida Department of
Education (2014) offers an opportunity to rigorously test whether social disorganization theory is
applicable to traditional public high school performance.
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Socio-Economic Status
Despite the logical assumption that socio-economic status (SES) is strongly correlated
with academic achievement, White’s (1982) meta-analysis suggests there are various factors and
perspectives to consider. Examining two hundred studies considering a possible relationship,
SES was found to be only weakly correlated with academic performance at the individual level,
however when aggregated to the school level, the relationship was exponentially greater with the
variables accounting for seventy-five percent of variance in observed correlation coefficients
(White, 1982). The meta-analysis showed that factors such as home atmosphere – in some cases
a significant aspect of social disorganization, not necessarily SES – were substantially correlated
when individuals were the unit of analysis. Grade level was also found to be significantly
associated with the magnitude of the correlation (White, 1982). Later studies expanded on many
of these findings.
Regarding demographic differences, Dornbusch, Ritter and Steinberg (1991) found that
parental education and family structure were less predictive of high school academic
performance for black than white students. Further, the researchers discovered that living in a
census tract with a considerable proportion of minority residents affected white as well as black
high school students with a comparable reduction in family status effect – possibly explaining
the ethnic differences as a greater number of minorities live in concentrated minority tracts
(Dornbusch Ritter, & Steinberg, 1991). Remedies to this dilemma may prove difficult. As
mentioned previously with the MTO initiative, a randomized study of over five thousand
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children found that families assigned housing vouchers by lottery to higher SES neighborhoods
did not see significant improvements in academic achievement (Sanbonmatsu et al., 2006).
Furthering a discussion on demographic considerations, Duncan (1994) studied the
effects of neighborhood and family characteristics on completing schooling. It was found that
affluent neighbors’ conferred benefits on White males and both Black and White females –
however this was not true for Black males. Significant and the most powerful across both race
and sex groups were maternal education and household income (Duncan, 1994).
Bradley and Corwyn (2002) suggest SES affects children in a wide range of health,
cognitive and socio-emotional issues with potential problems arising before birth. Beyond the
physical environment and home, South and Lutz (2003) found higher rates of school dropouts in
SES distressed neighborhoods, with almost one third of the effect explained by the educational
behavior of peers. Disturbingly, the researchers also found that parental control does little to
mediate the impact of community disadvantage on high school dropouts (South & Lutz, 2003).
Davis-Kean (2005) examined parents’ education attainment and income in relation to
educational outcomes using a structural equation model with data from a national, crosssectional study of children. It was found that SES factors were related to children’s academic
achievement with the Parent’s years of schooling found as a significant factor. Later, Sirin
(2005) replicated White’s (1982) meta-analysis on the relationship between SES and education
outcomes, also reporting a significant positive correlation, albeit slightly less than the former.
Understanding the complexity of any community-based analysis and the potential for ecological
fallacy, Sirin (2005) suggested future research utilize census data carefully, consider the
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differences in correlation magnitude between a micro and macro unit of analysis and offer a
wider spectrum of variables to measure socio-economic status. Sirin (2005) advocated future
researchers to include family background regardless of their primary research emphasis. One
might infer this imperative to include social disorganization factors as defined by Sampson and
Groves (1989) as well as those proposed in this study.

Family Disruption
An intact family structure, often defined as whether both parents are present in the home,
and academic performance have been positively correlated. Astone and McLanahan (1991)
found that children living in a single-parent household or with step-parents receive less
encouragement and help with school work than those living with natural or adopted parents. Not
surprisingly, it was found that parental involvement was positively associated with student
achievement (Astone & McLanahan, 1991). While studies of children living in divorced singleparent families found lower academic outcomes than children in intact families, the effect
seemed to be lessoning over the past few decades of the twentieth century (Amato & Keith,
1991).
Logically, studies analyzing social disorganization elements often find correlations
between the factors themselves. For example, Astone and McLanahan (1994) later found that
children in single-parent households were more likely to have moved or changed schools than
children living with both original parents. Further, they discovered that the residential mobility
factor accounted for a substantial percentage of the educational disadvantage, especially among
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children in stepfamilies (Astone & McLanahan, 1994). As a part of social disorganization or by
itself, family disruption factors such as single-parent households and divorce or separation rates
have shown to be correlated with challenges to community well-being (Astone & McClanahan,
1991; Astone & McLanahan, 1994; Amato & Keith, 1991; Baker, et al, 2001; Bursik, 1988; Law
& Quick, 2012; Kubrin & Weitzer, 2003; Patterson, 1991; Sampson & Groves, 1989; Shaw and
McKay, 1942).
Nuance exists in regard to effect, such as the number of years spent in a single-family
home showing a greater consequence on males than females (McLanahan & Sandefur, 1994). A
common indicator of family disruption, divorce and separation was found to affect children in
presenting a greater likelihood of negative life changes compared with children from intact
families (Arkes, 2015; Hetherington, Cox, & Cox, 1985; Amato & Keith, 1991). In a recent
study, Arkes (2015), suggests evidence that children show effects from family disruption factors
at least two to four years prior to the event and have significantly lower reading scores and a
propensity for behavioral problems especially in the immediate years following the disruption.
Most of the effects, especially behavioral, were temporary, with the exception being reading
comprehension (Arkes, 2015). With the expanded need for services to potentially at-risk
children for family disruption and other social disorganization factors, expanded resource
concerns for such services would rationally be relative to concentrations of risk in each district.
The next sections discuss school district funding in the State of Florida as well current policy
initiatives for at-risk high schools in Florida.
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School Funding
In terms of school-based resources, the State of Florida uses a formula to calculate the
amount of funding per full-time student. Under this formula and using state sales tax funding, the
goal is to ensure equitable resources for each school regardless of local tax capacity or
participation. The system has been in place since 1973 with no major changes (Florida
Department of Education, 2015a). Questioning whether the system is equitable, Owens and
Maiden (1999) examined Florida elementary schools to find whether funding inequities based on
race or socio-economic status (non-educational based) existed at the district or school level.
Evidence was found of inequality in funding for schools with high percentages of low socioeconomic status students despite state measures to correct this discrepancy.
A meta-analysis of school resources on student achievement by Greenwald, Hedges, and
Laine (1996) examined data from sixty primary research studies and established that ample
school resources were positively associated with student outcomes, concluding that even a
moderate increase in spending is associated with significant increases in achievement.
Unfortunately, independent high school funding per student is difficult to estimate as budgets are
calculated at the district-level in Florida. Were this not the case, strategic resource allocation, as
recommended in the research, may be better targeted (Greenwald, Hedges & Laine, 1996; Owens
& Maiden, 1999). Future researchers should encourage more transparent individual high school
per pupil funding data. Despite the state structure to ensure equal funding for all schools and
districts, more accessible data would allow safeguards against possible inequity as found by
Owens and Maiden (1999). Beyond additional federal funding to at-risk schools, emphasis at the
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state and local levels to ascribe relative funding and resources dependent on individually
assessed school needs might be advisable in order to be more equitable in the distribution of
resources. However, this practice may prove politically problematic as at-risk schools could be
found to need far greater resources than high performing schools, thus giving the fallacious
impression that futility is rewarded in a results-based NCLB paradigm. Due to the limitations
expressed herein, this study was not able to incorporate school funding as a control variable.

Current Policy Initiatives in Florida
Policy interventions for at-risk schools are vast and ever evolving. This study
investigated at-risk high school policy recommendations from academia as well as the three most
common structural policy interventions in the State of Florida at this time: family and
community involvement; open enrollment (school choice); and charter schools. Instead of a
pedagogic focus, this study maintained an administrative perspective with a greater emphasis on
structural policy intervention as appropriate in administrative research.
Cullen, Levitt, Robertson & Sadoff (2013) proposed that underperforming high schools
fail due to the lack of contextual needs being met in the traditional college-preparatory, limited
non-academic support paradigm. Instead, they suggest that efforts to engage students with
limited traditional test-taking capacity with an alternative school and classes teaching practical
life-skills result in large gains in graduation rates and labor market outcomes (Cullen et al.,
2013). This alternative is rarely realized with roughly eighty-percent of high schools providing a
traditional college preparatory education format (Snyder & Dillow, 2012).
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Cullen et al. (2013) suggest two models of approach for at-risk populations: a vocational
model and what they deem as “Herculean Efforts” (p. 144). The former model is not very
different from past vocational programs at large, urban or suburban high schools with the
difference being an emphasis on a school-wide focus on practical education and job skills. The
latter example embraces a college preparatory charter model found successful compared with
other charter examples showing mixed if not harmful results. These “Herculean” schools in New
York and Massachusetts followed a “No Excuses Model” employing a school culture of
academic rigor, high behavioral standards, and data driven employment monitoring within a
longer school day and school year (Cullen et al., 2013, p. 144). Studies of the “No Excuses
Model” charter schools (or similar models) have found that attending students have improved or
closed math and reading gaps (Abdulkadiroglu, Angrist, Dynarski, Kane, & Pathak, 2011;
Angrist, Pathak, & Walters, 2011; Cullen et al., 2013; Dobbie & Fryer, 2011). Similar with a
national policy implementation such as MTO, assumptions on a larger scale initiative must be
tempered relative to contextual circumstances.
Recognizing cultural differences based on class, Payne (2005) made a case for support
systems to be developed to address negative behavior, especially among the generational poverty
class. Beyond pedagogic approaches to teach appropriate learning, studying and behavioral skills
in students, she suggests school-wide scheduling with students in subgroups based on skill rather
than year, parent training in person and by video, and team interventions with parent(s) or
guardian(s) that include all teachers at once (Payne, 2005, p. 71-75). Engaging the community
as a part of the high school has been found to be successful within a “community school” model
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for at-risk schools. This method, practiced mostly in New York state with a pilot program at
Evans High School in Orlando, incorporates social services functions within the high school
facility as well as creates substantial interaction between parents, neighborhood groups and
external organizations whether by proximity or directly (Capers & Shah, 2015). Further
emphasis on family and community involvement as a moderating effect to social disorganization
factors is explored in the next section.

Family and Community Involvement
Meta-analyses have found a positive relationship between family and community
involvement and student success, especially in the urban setting (Fan & Chen, 2001; Henderson
& Mapp, 2002; Jeynes, 2007; Jeynes, 2012). Analyzing thirty-one studies that tested the
relationship between parent involvement and student academic achievement, Henderson and
Mapp (2002) found four significant outcome groups. First, interventions that allowed families to
support their children’s learning at home were linked to higher student achievement. Second, the
continuity of family involvement in the home had a positive influence on children doing well in
school and continuing their education. Third, families from a variety of educational, cultural and
economic backgrounds had a similar positive influence on their child’s education. Finally, family
and community involvement that was directly associated with specific knowledge and skills had
a stronger association with academic achievement than undefined general involvement
(Henderson & Mapp, 2002).
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Fan and Chen’s (2001) meta-analysis found a small to moderate albeit “practically
meaningful” relationship between parent involvement and academic achievement. They noted
that a parent’s aspiration or expectation of their children’s achievement had the strongest
relationship with greater successful outcomes when using universal indicators such as GPA and
standardized test scores (Fan & Chen, 2001, p. 17). Jeynes (2007) first parent involvement metaanalysis examined fifty-one studies and found positive relationships between parental
involvement and student achievement, regardless of socio-economic status or race, in urban
secondary school children. Later, Jeynes (2012) found similar results as well as a significant,
positive association between four types of intervention techniques with student academic
performance: shared reading, partnership emphasis, checking homework, and communication
between parents and teachers (Jeynes, 2012, p. 728). As is gleaned from this research, a nuanced
approach to family involvement is prudent.
Education researchers Epstein, Sanders, Simon, Salinas, Jansorn, and Van Voorhis
(2002), found three important factors in adolescent education: First, parent involvement usually
declines as students get older, disconnecting the curriculum objectives and the family and
suggest that schools develop involvement programs that evolve and increase over the course of
the student’s education. Second, higher socio-economic status families tend to be more involved
in positive school activities and this discrepancy should be considered in implementing a
universally effective program. Lastly, single-parent households or families with intense working
schedules need to have programs that fit their needs amicably (Epstein et al., 2002).
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Based on their research, Epstein et al. (2002) proposed a School-Family-Community
partnership framework, which seeks to strengthen parental involvement. It suggests six factors of
involvement are necessary in creating a comprehensive and effectual program: Parenting,
Communicating, Volunteering, Learning at Home, Decision Making and Collaborating with the
Community.
Parenting suggests that basic parental competencies should be incorporated into a
learning program for the family. Communicating suggests that routine meetings and
transmissions of information regarding the student, the family and school should be incorporated
universally. Volunteering proposes implementing a program whereupon families may assist
teachers and students and vice-versa in school and home learning activities. Learning at home
recommends there be a system put in place whereupon students and their families may work
together to build specific skillsets. Decision-making requires that parents, students and families
are involved in the process of choosing education alternatives building future parent education
leaders. Finally, collaborating with the community offers a practical resource and activity plan to
work with the community to better build skills and reach learning objectives (Epstein et al.,
2002).
While some aspects of the framework are supported independently by evidence, few if
any studies were found by this researcher that test the entirety of the model. Bower and Griffin
(2011) established that while the implementation of an Epstein School-Family-Community
partnership model in high-minority, low-income schools is effective, one must also account for
variance based on socio-economic status and cultural differences. The Jeynes’ (2012) parent
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involvement meta-analysis supports both the ‘learning at home’ and ‘communication’ elements.
Likewise, Henderson and Mapp’s (2002) systematic review also suggested the ‘learning at
home’ element to have significant impact.
With regard to the ‘parenting’ element, some research may be applied albeit loosely.
Parent expectations have been shown to be positively associated with student performance, this
possibly satisfying a small component of the Epstein ‘parenting’ element (Fan & Chen, 2001).
Research has shown that an authoritative parenting style is positively associated with student
outcomes in high school age children and the absence of which lessens the positive impact of
parental involvement (Steinberg, Lamborn, Dornbusch, & Darling, 1992). Spera’s (2005)
systematic review also suggested that authoritative parenting styles are positively associated with
student achievement but differences existed based on culture, race and socio-economic status.
From the above, the gap in the literature are studies testing a comprehensive Epsteinbased program efficacy from a school or community-level perspective. While some elements are
represented in the literature, those testing the ‘volunteering, ‘decision-making’ and ‘community’
aspects are lacking. In addition, implementation of an Epstein-based program would vary based
on grade-level and other demographic factors. This makes a multiple high school study difficult
to test without extensive cooperation and resources. That being the case, it is not surprising that
current research is inadequate. Instead, state and local districts have begun to use family and
community involvement criteria that mirror most of the Epstein requirements.
The Florida Department of Education Five Star School award (see Appendix A) was
created by the Commissioner’s Community Involvement Council and designed to recognize
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exemplary community involvement practices by individual schools (Florida Department of
Education, 2015b). To receive the Five Star School award designation, each school must provide
documentation showing it has achieved one-hundred percent of all criteria in five categories:
Business Partnerships; Family Involvement; Volunteerism; Student Community Service; and
operating satisfactory School Advisory Councils (see Appendix A). While not a direct
duplication, the framework for the Five Star Award overlaps significantly with the Epstein et al.
(2002) School-Family-Community partnership factors of parenting, communicating,
volunteering, decision-making and collaborating with the community. That being the case, an
opportunity for a more rigorous family and community involvement analysis, closer to the
Epstein School-Family-Community model, existed and was examined.
Limitations with the Five Star Award must be noted. Each school must fully meet all
criteria (see Appendix A), however the decision to grant satisfaction of criteria is at the sole
discretion of a Florida Department of Education administrator and no public records exist
measuring partial completion of any or all criteria. For this reason, creating a continuous
independent variable measuring family and community involvement was not possible in this
operationalization. However, the creation of a dichotomous variable measuring satisfaction of
the Five Star School award criteria was possible as a measure of policy efficacy, albeit the
limitations of interpretation therein, and used in this study.
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Open Enrollment
With the passage of Florida House of Representatives (2016) Bill 7029 allowing open
enrollment within and amongst all Florida school districts; community-level social
disorganization effect, or the ability to properly analyze the phenomenon, may be skewed. The
effectiveness of an open enrollment policy on school performance as well as any association with
social disorganization factors, will now be discussed. Due to the more recent trend of open
enrollment policy implementations, studies are limited with all three examples in this section
published in the past few years.
Recently, Hong and Choi (2015) examined an inter-district open enrollment initiative in
the Minneapolis, Minnesota metropolitan area. The assumption was open enrollment would
provide students from educational resource-poor schools the ability to access educational
resource-rich schools across district and community boundaries. They found that when
controlling for free or reduced lunch eligibility, Black students were more likely to use open
enrollment to transfer to higher performing schools with smaller populations of minority, poor
and special education students (Hong & Choi, 2015). In regard to open enrollment effect on
academic performance, only one group, third grade math students, had a statistically significant
increase. That being said, the study was limited in longitudinal scope and the authors suggested
future study will include at least three years performance in the analysis (Hong & Choi, 2015, p.
68).
Unlike Hong and Choi (2015), Lavery and Carlson (2015) found when analyzing five
years of inter-district open enrollment policy data for the State of Colorado that low socio41

economic status students were significantly less likely to move from their neighborhood school
compared with their more affluent peers. The authors advocate this finding contradicts the
assumption that the primary benefits of an open enrollment system are to benefit students from
the poorest performing schools and resourced neighborhoods. Instead, it is suggested the
correlations between race, ethnicity, low socio-economic status, and low test scores with a lack
of open enrollment participation will ultimately create “increased stratification levels among all
of these dimensions” (Lavery & Carlson, 2015, p. 772.)
Similar to Lavery and Carlson (2015), a study of Chicago Public Schools from 2001 to
2005 found that open enrollment initiated movement of students from the top achievement
quartile of students was over twice as large as that of the bottom quartile, with both groups more
likely moving to higher performing schools (Sirer, Maroulis, Guimera, Wilensky, & Amaral,
2015). Finally, school choice initiatives may be only the beginning of a national trend toward
open enrollment, often in conjunction with the proliferation of charter schools (Lavery &
Carlson, 2015). Despite the rational expectation, whether or not the ability for more resourced
and education prioritized families to abandon low socio-economic status traditional schools
requires future analysis. Also, it is important to restate that prior Florida open enrollment
measures have been associated with “gaming” the system on the part of educators and
administrators, potentially leaving many struggling students behind as they are reclassified into
inappropriate special education or non-English-proficiency categories (Chakrabarti & Schwartz,
2013).
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Charter Schools
Often a product of school choice initiatives, a common remedy for school districts with a
high percentage of poorly performing schools (per NCLB mandate and the consequences therein)
is to implement charter schools, whether outsourced to third-party organizations or created inhouse, to provide a different, transformed mode of instruction and administration. Research is
mixed on the effect of charter school implementation on student outcomes, especially when
controlling for any magnet school tendencies. The difference being that in a magnet high school,
performance of the students prior to enrollment is considered and therefore any results would be
positively skewed. It is important to note that states and districts differ on what constitutes a
charter school as well as methods employed in each state and district vary, as well as with each
school. This study is limited by the SABS data in that it only collects information for traditional
high schools that have geographic boundaries (see Appendices A and B).
Common in urban areas with significant disadvantaged populations, Zimmer and Buddin
(2006) found that results were mixed for charter schools in two large districts in California and
generally did not promote student achievement for minorities. Similarly, Carnoy, Jacobsen,
Mishel & Rothstein (2005) of the Economic Policy Institute in Washington, DC, concluded that
there is no evidence that charter schools, on average, out-perform regular public schools; in fact,
suggested the opposite is true in some states.
The State of Arkansas implemented an open enrollment charter school policy in 1995.
Mills (2013) analyzed almost one and a half million Arkansas public school students’ state
standardized test performance in grades three through eight between the years of 2002 and 2011.
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He attempted to examine the average effect of open enrollment charters, how this varies over
time, and how the impacts of transitioning to a charter school differ compared with transferring
between traditional schools. Mills’ (2013) major finding was that the open enrollment charter
schools have a small but statistically significant negative impact on student performance for
math and literacy, however, the effects tend to decline with the number of years the charter has
been in operation. He suggests this could be an example of the open enrollment charter “doing a
better job in sorting students” and “consistent with a well-functioning education market: good
charter schools tend to persist while poorly performing charter schools close” (Mills, 2013, p.
340). Not all research agrees with this position. Looking specifically at math and reading test
performance in Texas, Booker, Gilpatric, Gronberg & Jansen (2004) found that when controlling
for an initial mobility effect, Texas charter schools significantly improved the academic
performance of students.
Unfortunately, the State of Florida did not have a population of charter schools that
maintained school attendance boundary catchment areas for an adequate analysis within the
framework of this community-level analysis. The propensity for many charter schools to have
selective magnet qualities or allow open enrollment runs counter to a dedicated community
effect analysis. Therefore, the effectiveness of such as a policy intervention for failing schools
was not possible in this study. That being said, it is important to note that some charter schools
for at-risk high school students have been found effective as discussed earlier in this section.
When employing a school culture of academic rigor, high behavioral standards, data driven
employment monitoring, and longer school days and school year, significant academic
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performance improvement was found (Abdulkadiroglu et al., 2011; Angrist, Pathak, & Walters,
2011; Dobbie & Fryer, 2011). The latter successes may show promise in the application of
specific policy initiatives acutely addressing harms posed by explicit social disorganization
factors at the community-level.

Synthesis
Beginning with the policy ecosystem suggested by Duncan (1964) and elaborated by
Bronfenbrenner (1986) into a layered albeit interactive social ecology, a multi-dimensional
perspective is suggested for effective policy analysis. Quantifying networks within the ecology,
Putnam (1993) offers social capital as a resource to address maximizing the utility of human and
physical assets through social organization. Related to social capital, Sampson et al. (1997)
found that collective efficacy has a more comprehensive mediating effect on violence in
neighborhoods with concentrated disadvantage and residential instability.
Recognizing the importance of the external environment on school performance, several
studies suggest neighborhood effect is a necessary component of a diligent analysis (Garner &
Raudenbush, 1991; Levanthal & Gunn, 2000; Johnson, 2012). Not surprisingly, the perception of
a strong community among students has been found to decrease delinquent behavior in schools
(Battistich & Hom, 1997). Despite a policy research emphasis on neighborhood effect, national
and state NCLB education efforts remain inconclusive, offering little capacity for effective
ecological intervention (Bogin & Ngyuen-Hoang, 2014; Wei, 2012; Weinbaum, Weiss &
Beaver, 2012). In fact, the NCLB imperative of classifying a repeatedly low achieving school as
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“failing” has been shown to decrease property values in the community, thereby exacerbating
social disorganization factors (Bogin & Ngyuen-Hoang, 2014). Another consequence of the
NCLB mandate has been greater instances of “gaming” the system, whereby struggling students
may be reclassified in order to improve overall school grades (Amrein-Beardsley, 2009;
Chakrabarti & Schwartz, 2013) This is not unexpected as the potential for restructuring, mass
firings, and funding losses provide urgent motivation on the part of community or district level
educators and administrators.
The probable antithesis of social capital or collective efficacy is social disorganization,
which provides a framework from which neighborhood deprivation effects may be measured.
Applied to delinquent behavior and crime in general, the Sampson and Groves social
disorganization model has been validated (Law & Quick, 2012; Patterson, 1991; Sampson &
Groves, 1989). Applying social disorganization factors to education performance, similar
associations have been found (Appleyard et al., 2005; Astone & McLanahan, 1991; Baker et al.,
2002; Bowen, Bowen, & Ware, 2002; Madyun, 2011; McCoy et al., 2013).
A prominent factor of social disorganization within the Sampson and Grove’s (1989)
model, socio-economic status has been found to be positively associated with school
performance (Davis-Kean, 2005; Dornbush et al., 1991; Duncan, 1994; Sirin, 2005; South &
Lutz, 2003; White, 1982). Before rushing to implement a socio-economic status-based
neighborhood displacement solution, it was important to note that both Sanbonmatsu et al.
(2006) and deSouza Briggs, Popkin and Goering (2010) found that national efforts moving
students from low socio-economic status neighborhoods to more affluent communities did not
46

produce significant improvements in academic achievement. As with any community-based
study, the potential for ecological fallacy is rampant, especially when dissecting and applying
neighborhood factors individually. Family disruption factors such as single-parent households
and divorced or separated persons have been found to be associated with lowering academic
achievement (Astone and McLanahan, 1991) or higher neighborhood dysfunction (Astone &
McClanahan, 1991; Astone & McLanahan, 1994; Amato & Keith, 1991; Baker et al, 2001;
Bursik, 1988; Law & Quick, 2012; Kubrin & Weitzer, 2003; Patterson, 1991; Sampson &
Groves, 1989; Shaw and McKay, 1942.)
In defining the concept, this study chose to employ the Sampson and Groves (1989)
social disorganization model to include the variables community size (urban proximity), ethnic
heterogeneity, residential mobility, family disruption indicators (single-parent households and
divorced or separated persons) and socio-economic status indicators (low median income and
low education attainment).
Several structural policy initiatives have been employed to target at-risk or failing
schools. Initiating social capital and/or collective efficacy by proxy, family and community
involvement has been shown to be positively associated with student achievement (Fan & Chen,
2001; Henderson & Mapp, 2002; Jeynes, 2007; Jeynes, 2012; Spera, 2005; Steinberg et al.,
1992). Epstein et al. (2002) proposed a School-Family-Community partnership framework,
which seeks to strengthen family and community involvement. It suggests several factors of
involvement including parents being a direct part of their children’s learning and collaborating
with community organizations.
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In recognition of a potential positive family and community involvement impact on
education outcomes, the State of Florida Department of Education instituted the Five Star School
award, which criteria overlaps significantly with the Epstein et al. (2002) School-FamilyCommunity partnership factors of parenting, communicating, volunteering, decision-making and
collaborating with the community (see Appendix A). Initial success of the community school
model could provide hope for a more structurally integrated alternative to basic family and
community involvement measures for at-risk communities and schools (Capers & Shah, 2015).
Open enrollment and charter school initiatives usually do not include a geographic
community component and in so may have an exacerbating deprivation effect on struggling
traditional schools and communities (Lavery & Carlson, 2015; Sirer et al., 2015). In addition,
many studies show mixed or negative academic performance outcomes in charter schools
(Carnoy et al, 2005; Hong & Choi, 2015; Mills, 2013; Zimmer & Buddin, 2006) with some
research showing particular charter strategies successful in increasing academic performance
among students (Abdulkadiroglu et al., 2011; Angrist, Pathok & Walters, 2011; Dobbie & Fryer,
2011; Gilpatric, Gronberg & Jansen, 2004).
Gaps in social disorganization and school performance research are predominantly twofold. First, studies are not usually aggregated to a community-based unit of analysis. Second,
large-scale state or national analyses are lacking that measure social disorganization criteria from
a community-based perspective. Current U.S. Census Bureau (2011a) survey data at the school
attendance boundary level combined with Florida Department of Education (2014) school
performance data allowed for the reliable analysis of social disorganization and school
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performance from a community-based perspective. Examining schools that earned the Five Star
School award permitted the inclusion of a family and community involvement policy efficacy
analysis at the community-level, despite the aforementioned limitations. Analysis at the districtlevel allowed for the examination of the variance of effect and manifestation of community-level
social disorganization factors between two levels. The combination of the above provided the
basis for the conceptual model (Figure 2), previous research questions, and subsequent
hypotheses.

Hypotheses
H1: Social disorganization factors are negatively associated with Florida public high school
academic performance at the community-level.
H2: Satisfaction of the Florida Five Star School Award criteria is positively associated with
Florida public high school academic performance at the community-level with social
disorganization factors simultaneously considered.
H3: Social disorganization predictors are negatively associated with school district Florida public
high school FCAT score averages, Non-FCAT score averages and AYP percentage averages.
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CHAPTER 3: RESEARCH METHODOLOGY
The purpose of this study was to examine the association between social disorganization
and Florida public high school academic performance at the community and district levels. In
addition, a family and community involvement policy initiative was examined through a
dichotomous variable indicating whether a public high school has earned the Five Star School
award for the 2010-2011 school year or not (see Appendix A). This research sought to discover
the extent to which social disorganization factors are negatively associated with Florida public
high school academic performance at the community-level. Similarly, the research measured the
extent to which social disorganization factors are negatively associated with high school
academic performance at the school district level (district-level). This study examined the
magnitude of any significant positive academic performance effect from satisfying the family
and community involvement criteria required for earning the Five Star School Award with social
disorganization factors simultaneously considered.
This study engaged the unique opportunity to examine ecological effect using school
attendance boundary survey data (SABS) aggregated from the American Community Survey
(U.S. Census Bureau, 2011a; U.S. Census Bureau, 2011b). By using data from the five year
2006-2010 SABS to measure social disorganization factors at the community-level,
neighborhood effect was acutely examined. Due to the limited availability of SABS aggregated
data – only the 2006-2010 five year data estimates were available at the time of this analysis –
the study was cross-sectional in design.
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Recognizing that Florida high schools and their respective communities are nested within
larger area school districts (school district boundaries are the same as County boundaries in
Florida), a multi-level analysis was advisable (Bickel, 2007). The importance of studying the
difference in social disorganization manifestation at the community versus district level provided
clarity in addressing and acknowledging social disorganization in the proper context and from
the proper perspective. This study assigned the first level as the respective Florida high school
community (also known as the School Attendance Boundary Area) with the second level being
the aggregate Florida high school communities within a school district (Florida County). This
analysis examined what variation in effect exists, if any, between the district-level (county) and
community levels.
This study examined how social disorganization is associated with Florida public high
school academic performance in a two phase analysis at the community and school district
levels. In addition, the research tested a potential moderating effect of receiving the Five Star
School Award, recognizing family and community involvement, and Florida public high school
academic performance with social disorganization factors simultaneously considered. In the first
phase, the study used a cross-sectional, non-experimental design analyzing secondary data by
structural equation modeling (SEM) at the community-level.
For the second phase, the study used a cross-sectional, non-experimental design
analyzing aggregated secondary data in multiple linear regressions assessing statistically
significant associations between social disorganization predictors and school academic
performance variables school district FCAT score averages, Non-FCAT score averages and
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Adequate Yearly Progress (AYP) averages. SEM analysis was not possible at the district-level
due to the small sample size being insufficient to detect effect using SPSS AMOS software,
therefore multiple linear regression analyses between the social disorganization predictors
(aggregated to the district-level) and the three high school performance dependent variables
(aggregated to the district-level) were performed.
In the first phase analyzing social disorganization effect at the community-level, each
measurement model was examined and adjusted to achieve optimum goodness-of-fit statistics.
Upon confirming measurement models, a hypothesized SEM model was considered acceptable
and the combined covariance structure model was analyzed. As of this writing, no significant
research is known to the researcher measuring an association between social disorganization and
school performance for a state population at the high school attendance boundary area, or
community-level. The following subheadings explain the study design, sample, data
measurement, latent variables and indicators, goodness-of-fit and analysis procedures.

Units of Analysis
At the community-level, there were 315 Florida public high school units of analysis with
School Attendance Boundary Survey (SABS) data for the 2010-2011 school year (Florida
Department of Education, 2011a). Of these, 237 high schools did not receive the Five Star
School Award and 78 high schools satisfied the family and community involvement criteria and
were awarded (see Appendix B). Aggregated from the community-level, the units of analysis at
the district-level consisted of 29 school districts (counties). The restricted number of school
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districts (29 of 67 school districts or counties) was necessary due to insufficient population data
to acquire significant results at the SABS or community-level (see Appendix C).

Design
For phase one of the study (community-level), this study used a cross-sectional nonexperimental design utilizing secondary data in a structural equation model. Structural equation
modeling (SEM) is a statistical technique for testing and estimating causal associations thereby
allowing for both confirmatory and exploratory modeling (Bollen, 1998; Wan, 2002). Goodnessof-fit measures further substantiate the model’s validity. The State of Florida Department of
Education provided data for the latent endogenous variable (dependent) measuring Florida
Public High School Performance (Florida Department of Education, 2014). The U.S. Census
Bureau (2011a) School Attendance Area Survey (SABS) aggregated from the 2006-2010
American Community Survey (ACS) provided data for the latent exogenous variable
(independent) measuring social disorganization factors (U.S. Census Bureau, 2011b).
For phase two of the study (district-level), this study used a cross-sectional nonexperimental design utilizing the community-level secondary data aggregated to the school
district level. Structural equation modeling was not used due to the sample size at the districtlevel being too small for an analysis within the operationalization. Social disorganization factor
associations with high school academic performance at the district-level were analyzed by
multiple linear regressions performed using IBM SPSS 22 between independent variables
measuring social disorganization factors and dependent variables measuring FCAT scores, Non53

FCAT scores, and AYP. Both phases of the study were retrospective, using the aggregated 20062010 SABS data, 2010 Census Data and 2010-2011 Florida public high school data only.

Sample
This study used academic and school performance data provided by the Florida
Department of Education representing the annual FCAT score, the annual non-FCAT score, and
the annual Adequate Yearly Progress (AYP) percentage (Florida Department of Education,
2014). Social disorganization factors indicator data was collected from the 2006-2010 SABS
data aggregated from the U.S. Census Bureau (2011a; 2011b) American Community Survey. As
sample size requirements are based on the SEM model, the number of variables present in the
model are considered in sample size calculations.
From 507 total public high schools in Florida, 315 public high schools were analyzed in
the study and selected as follows: first, the SABS data was limited to 29 school districts or
counties, removing 87 public high schools from the excluded 38 school districts or counties;
second, 105 public high schools were removed from the analysis due open enrollment contextual
limitations, magnet characteristics, special education focus or data was excluded from the SABS.
Most of the excluded schools within the 29 SABS included school districts were charter schools
or specialty schools with inter-district open enrollment and/or magnet characteristics (see
Appendices C and D). No public high school with a traditional school attendance boundary
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catchment area, and within the 29 included school districts, and having complete SABS data was
excluded.
Using an A priori sample size calculator,
http://www.danielsoper.com/statcalc3/calc.aspx?id=89#, to satisfy an anticipated effect size of .1
with a statistical power level of at least .08 at a .05 probability level required a minimum of 152
units to detect effect and a minimum sample size for model structure of 138. This is assuming
two latent variables with 11 observed variables in the model. The 315 Florida public high school
data available to this study allowed a satisfactory analysis. The sample size at the district-level
was limited to the 29 school districts (counties) included in the SABS data. This small sample
size necessitated the use of a two phase analysis, with district-level analyses conducted using
multiple linear regressions as previously discussed. Limitations also exist with regard to multiple
regression analyses and small sample sizes and were noted.

Data Sources and Measurement
The 2010-2011 SABS data were aggregated from the 2006-2010 American Community
Survey (ACS) tabulations and available for download to the public (U.S. Census Bureau, 2011a).
Schools were divided by academic level (elementary, middle, high, and other) as defined by the
National Center for Education Statistics’ Common Core of Data at the time (U.S. Census
Bureau, 2011a). Magnet and Charter schools with geographically based school attendance zones
were also collected. School boundaries were established from each school district. One minor
correction was noted to fix a gap in coverage prior to the download of the SABS data used for
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this study (U.S. Census Bureau, 2011b). The ACS is a continuous survey conducted by the U.S.
Census Bureau (2011b) collecting demographic and other data.
The State of Florida Department of Education has been issuing and reporting individual
school grades since 1999 (Florida Department of Education, 2011a). Data are collected and
available for every subsequent school year. For the 2010-2011 school year, each school was
graded by two primary components as well as an NCLB mandated adequate yearly progress
(AYP) percentage score (Florida Department of Education, 2011b). The first component was an
FCAT Performance and Learning Gains score and constituted 50 percent of the overall school
grade. The FCAT score measured students in the state-wide FCAT standardized assessment tests
in reading, mathematics, science, and writing. Only full-year-enrolled student scores were
counted (Florida Department of Education, 2011a). This posed a limitation, however, when
aggregated to the community-level, it is assumed some of the effect of residential mobility will
be captured in the U.S. Census Bureau (2011a) social disorganization latent variable data. As this
study is from an administrative perspective, mortality bias was assumed generally equivalent
among all schools as measuring otherwise was beyond the scope of this research.
The second high school academic performance component was the Non-FCAT-Based
component (or later named High School Component) score and included items such as
graduation rates, participation in advanced placement programs and college readiness (See Table
2; Florida Department of Education, 2011a). To receive a letter grade, a school must have had at
least 90 percent of eligible students participating in testing. This increased to a 95 percent
participation rate to receive an ‘A’ letter grade (Florida Department of Education, 2011a).
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The SABS random sampling error for each school attendance area was at a maximum of
90 percent confidence level for sparsely populated geographic areas with most being greater than
95 percent (U.S. Census Bureau, 2011b). The number of Florida public high schools attributed to
the school attendance boundary areas as reported by the SABS constituted the limit for inclusion
in this study. Public high schools or school districts with less than five percent missing data were
imputed (only 2 public high school cases). Public high schools or school districts with greater
than five percent missing data were not included in the study (none were recorded).

High School Performance Measurement Model
Figure 3: High School Performance Measurement Model Concept shows the three high
school academic performance indicators FCAT score (FC), Non-FCAT score (NFC), and
Adequate Yearly Progress (AYP) at the community-level.

Figure 3: Measurement Model of High School Performance
Table 2 illustrates how the indicators FC and NFC were calculated (Florida Department
of Education, 2011a). The overall scores were measured by aggregated standardized test scores
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and advanced placement data with special attention paid to at-risk and lowest performing student
data per requirements set forth by NCLB (NCLB, 2002; Florida Department of Education,
2011a). As is evident from the criteria chosen by the Florida Department of Education,
performance was predominantly measured in a results-oriented manner.
Table 2: Florida Public School Grading Criteria, 2010-2011 School Year
FCAT Performance and Learning Gains Component (800 Points Maximum)
Student Performance Components (400 Points)
Percent scoring at Level 3 or higher on the FCAT Reading
100 Points
Percent scoring at Level 3 or higher on the FCAT Mathematics
100 Points
Percent scoring at Level 3 or higher on the FCAT Science
100 Points
Percent scoring 4 or higher on the FCAT Writing Essay
100 Points
Student Learning Gains Components (400 Points)
Percent who made learning gains in FCAT Reading
100 Points
Percent who made learning gains in FCAT Mathematics
100 Points
Percent of lowest performing 25% with learning gains in FCAT Reading
100 Points
Percent of lowest performing 25% with learning gains in FCAT Math
100 Points
10 Bonus Points if at least 50% of students retaking the tenth grade FCAT in reading and math
attain scores required for graduation.
Non-FCAT-Based Component (800 Points Maximum)
Graduation Rate within 4 years of initial enrollment
200 points
Graduation Rate for At-Risk Students (Level 2 or below FCAT)
100 points
Accelerated Coursework Participation (AP, IB, Dual, AICE)
175 points
Accelerated Coursework Performance (successful completions)
125 points
Postsecondary Readiness - Math (ACT, SAT, FCAT, and CPT)
100 points
Postsecondary Readiness - Reading (ACT, SAT, FCAT, and CPT)
100 points
Subtractions or additions of points based on growth or decline from previous year. Based on a
1600-point scale, 1,050 points or more are necessary for an ‘A’ grade.
As described earlier, NCLB (2002) required that schools and districts make adequate
yearly progress (AYP) towards universal state proficiency goals. All schools were held to the
same criteria with eligible students included (Florida Department of Education, 2011b; NCLB,
2002). In addition, eight subgroups’ results were measured, those being White, Black, Hispanic,
Asian, American Indian, economically disadvantaged, English language learners (ELLs), and
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students with disabilities (SWDs). Similar criteria for inclusion in scoring existed for the FCAT
and non-FCAT measures. Adequate Yearly Progress (AYP) was measured as a percentage
satisfied up to one hundred percent. Table 3 lists the criteria considered in calculating the AYP
percentage score (Florida Department of Education, 2011b).
Table 3: Adequate Yearly Progress (AYP) Criteria, 2010-2011 School Year
Participation:
At least 95 percent of students participate in testing using the
FCAT or the Florida Alternate Assessment for SWDs. Note that
first-year English language learners (ELLs) may meet the
participation requirement in reading by taking the
Comprehensive English Language Learning Assessment
(CELLA).
Reading Proficiency:
Students reading at level 3 or above on FCAT or at level 4 and
above on the Florida Alternate Assessment are considered
proficient.
Math Proficiency:
Students reading at level 3 or above on FCAT or at level 4 and
above on the Florida Alternate Assessment are considered
proficient.
Other Criteria:
NCLB requires the state definition of AYP to include a
graduation rate and at least one additional academic indicator as
determined by the state. In Florida, the writing assessment is
used as the additional indicator and school grades are used as an
additional condition.

Social Disorganization Measurement Model
This study used an exogenous latent variable representing social disorganization based on
the Sampson and Grove’s (1989) model. The generic social disorganization measurement model
with the indicator variables community-size (representing urban proximity), residential mobility,
single parent households, low median income, low education attainment, divorced or separated
persons and ethnic heterogeneity is illustrated in Figure 5.
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Figure 4: Measurement Model of Social Disorganization
Each indicator was examined as a part of the social disorganization collective model as
well as independently. As established in the prior chapter, research has shown social
disorganization to have a negative effect on individual children’s academic behavior (Appleyard
et al., 2005; Astone & McLanahan, 1991; Baker et al., 2002; Bowen, Bowen, & Ware, 2002;
Madyun, 2011; McCoy et al., 2013). This study suggested that when aggregated to the school
attendance boundary area or community-level, a similar correlation exists.
60

Community Size
As part of the Sampson and Groves (1989) model, urban proximity was considered part
of the social disorganization construct. The inclusion of community size (as a measure of urban
approximation) was based on the concern that with excessive population density a lack of social
control existed as suggested by earlier researchers, most notably Shaw and McKay (1942). The
effects of urban proximity were considered to weaken family bonds and have a negative effect
on community coordination. Recognizing the importance of including a measure of urban
proximity but also noting the predominantly suburban landscape of the State of Florida, this
study chose to measure community size as part of the social disorganization latent variable with
the assumption that much of the assumed negative effect will be collinear with the size of the
respective community or district (called district population for the district-level analysis).
Community size was measured as the number of people living within the school attendance
boundary area per the data available in the 2006-2010 SABS dataset (U.S. Census Bureau,
2011a) or the population of the respective county at the district-level for the 2010 U.S. Census
(U.S. Census Bureau, 2016). As limitations existed with regard to the exclusion of low
population counties in the SABS data (see Appendix C), the effect of urbanization was greatly
diminished. Most importantly, the inability to use geographic area in computing population
density limited the utility of the urban proximity measure. As will be seen in the next
subheading, a parabolic or threshold effect may also exist whereupon there is an ideal range in
community size with smaller or larger populations showing diminishing returns.
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School Size
Research suggested a potential relationship between school size and academic
performance (Fowler & Walberg, 1991; Gershenson & Langbein, 2015; Lee & Smith, 1997).
Analyzing national longitudinal data with hierarchical linear modeling methods, Lee and Smith
(1997) suggested that the most effective school size in terms of learning has between 600 and
900 students. In smaller schools, it was found that students learned less, while those in
considerably larger schools (particularly those with over 2,100 students), learning substantially
less. Of note, the research established that the influence of school size has a stronger effect on
learning in schools with low socio-economic status or high concentrations of minority students
(Lee & Smith, 1997).
Prior to this, Fowler and Walberg (1991) studied school size, characteristics and
outcomes in New Jersey secondary schools and found two factors that were most influential on
school outcomes. First, socio-economic status, especially the percentage of low-income families
was the most influential factor. Second, school size was found to be negatively associated with
school outcomes (Fowler & Walberg, 1991). Most recently, Gershenson and Langbein (2015)
examined fourth and fifth grade students in North Carolina and found that on average there is no
relationship between school size and academic performance, however, two subgroups are
significantly harmed by school size: low socio-economic status and students with learning
disabilities. The inconsistency of the research and threshold nature of the findings made a
separate school size control variable potentially spurious for use in this analysis. For that reason,
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this study included only a community size indicator variable as part of the social disorganization
construct and did not include a school size control variable.

Residential Mobility
Directly associated with Florida public schools, research has linked involuntary mobility
to lower FCAT scores (Mullins, 2011). Other studies suggested the inclusion of this variable is
warranted, especially coupled with family disruption characteristics (Astone & McLanahan,
1994; Sampson & Groves, 1989; Shaw & McKay, 1942; Tucker, Marx, & Long, 1998; Scanlon
& Devine, 2001). SABS and ACS data reflects the percentage of persons who were living in a
different residence the year prior to the survey. Residential Mobility data were found in Table
DP02.10 of the 2006-2010 SABS dataset (U.S. Census Bureau, 2011a; U.S. Census Bureau,
2011b).

Family Disruption Variables
Single-Parent Households
The first indicator representing family disruption was single-parent households. Similar
to divorce or separation, research exists showing a correlation between single-parent households
and challenges to community well-being (Astone & McClanahan, 1991; Astone & McLanahan,
1994; Amato & Keith, 1991; Baker, et al, 2001; Bursik, 1988; Law & Quick, 2012; Kubrin &
Weitzer, 2003; Patterson, 1991; Sampson & Groves, 1989; Shaw and McKay, 1942). More
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specifically, McLanahan & Sandefur (1994) produced empirical evidence suggesting the
negative effect of living in a single-parent home increases with the number of years spent in that
type of family, especially among boys. Single-Parent household data were presented in Table
DP02.1 of the 2006-2010 SABS dataset (U.S. Census Bureau, 2011a).

Divorced or Separated Persons
As mentioned previously, family disruption has been associated with negative behavioral
outcomes in a community (Astone & McClanahan, 1991; Astone & McLanahan, 1994; Amato &
Keith, 1991; Baker, et al, 2001; Bursik, 1988; Law & Quick, 2012; Kubrin & Weitzer, 2003;
Patterson, 1991; Sampson & Groves, 1989; Shaw and McKay, 1942). The second part of two
indicators measuring family disruption, divorce and separation affected children have been
correlated with a greater likelihood of negative life changes compared with non-divorced or
separated families (Arkes, 2015; Hetherington, Cox, & Cox, 1985; Amato & Keith, 1991).
Most recently, Arkes (2015) found evidence that children show effects from family
disruption at least 2 to 4 years prior to the event and have significantly lower reading scores and
a greater likelihood of behavioral problems in the two years immediately following the
disruption. Most effects were found to be temporary in nature with the exception of reading
comprehension (Arkes, 2015). Divorced or separated percentage data were found in Table
DP02.3 of the 2006-2010 SABS dataset (U.S. Census Bureau, 2011a).
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Socio-Economic Status Variables
As has been established, socio-economic status has been found to be positively associated
with student performance (Alesina & Ferrara, 2004; Davis-Kean, 2005; Dornbush et al., 1991;
Duncan, 1994; Fowler & Walberg, 1991; Johnson, Crosnow & Elder, 2001; Sirin, 2005; South &
Lutz, 2003; White, 1982) and low socio-economic status as part of a social disorganization
construct (Astone & McClanahan, 1991; Astone & McLanahan, 1994; Amato & Keith, 1991;
Baker et al, 2001; Bursik, 1988; Law & Quick, 2012; Kubrin & Weitzer, 2003; Patterson, 1991;
Sampson & Groves, 1989). Each indicator was examined as a part of the social disorganization
model at the community-level as well as independently at the district-level and data were
available from the U.S. Census Bureau (2011a) SABS.

Low Median Income
Present in all community and student performance associations with socio-economic
status research herein (Alesina & Ferrara, 2004; Davis-Kean, 2005; Dornbush et al., 1991;
Duncan, 1994; Johnson, Crosnow & Elder, 2001; Sirin, 2005; South & Lutz, 2003; White, 1982)
or as a social disorganization construct herein (Astone & McClanahan, 1991; Astone &
McLanahan, 1994; Amato & Keith, 1991; Baker et al, 2001; Bursik, 1988; Law & Quick, 2012;
Kubrin & Weitzer, 2003; Patterson, 1991; Sampson & Groves, 1989), median and/or mean
personal or household incomes are included in the analyses and show a positive association with
academic performance. Conversely, low median income shows a negative association with high
school academic performance. Median family income data were found in Table DP03.6 of the
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2006-2010 SABS dataset (U.S. Census Bureau, 2011a) and was inverted to represent low median
family income.

Low Education Attainment
By analyzing data from a national, cross-sectional study of children, Davis-Kean (2005)
established that parent’s years of schooling was a prominent factor to consider in socio-economic
status research. Present in all community and student performance association with socioeconomic status research herein (Alesina & Ferrara, 2004; Davis-Kean, 2005; Dornbush et al.,
1991; Duncan, 1994; Johnson, Crosnow & Elder, 2001; Sirin, 2005; South & Lutz, 2003; White,
1982) or within a social disorganization construct as low education attainment herein (Astone &
McClanahan, 1991; Astone & McLanahan, 1994; Amato & Keith, 1991; Baker et al, 2001;
Bursik, 1988; Law & Quick, 2012; Kubrin & Weitzer, 2003; Patterson, 1991; Sampson &
Groves, 1989), low parent or community-level education attainment data were included in the
analysis, whether as part of a social disorganization construct at the community-level or
independently in the district-level analyses. Community education attainment data were found in
Table DP02.7 of the 2006-2010 SABS dataset (U.S. Census Bureau, 2011a) and were inverted to
represent low education attainment.

Ethnic Heterogeneity
Ethnic heterogeneity is the probability that two persons chosen randomly from a group
will not be from the same ethnic group. This probability was calculated using the SABS dataset.
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Two studies reinforce the inclusion of this individual factor by showing a correlation to
economic performance and academic engagement (Alesina & Ferrara, 2004; Johnson, Crosnow
& Elder, 2001). The original rationale of a negative ethnic heterogeneity association with social
organization was the potential antagonistic relationships between a segmented and diverse
community makeup (Shaw & McKay, 1942). The inclusion of ethnic heterogeneity has been
subsequently validated by other researchers (Law & Quick, 2012; Patterson, 1991; Sampson &
Groves, 1989). Ethnic heterogeneity was calculated using data found in Tables DP05.3 and
DP05.2 of the 2006-2010 SABS dataset (U.S. Census Bureau, 2011a).
The ethnic heterogeneity value in this study was based on common ethnic diversity index
calculations (Calculating Diversity Index, 2014; Education Data Partnership, 2016). The
calculation was as follows: The probability that two persons in one community selected are from
a different race equals the sum of the probabilities of selecting a non-Hispanic White person
squared; plus a non-Hispanic Black or African-American squared; plus a Hispanic or Latino of
any race squared; plus an Asian squared; plus any other race squared. The potential for
homogeneity at the community-level may diminish the effect of ethnic heterogeneity. In other
words, concentrated, similar minority communities at the school attendance boundary or
community-level, would show very low rates of ethnic heterogeneity. The fact that many low
socio-economic household and minority students attend schools with a vast majority of students
from similar backgrounds reinforces this limitation (Coley & Baker, 2013).
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Analysis
This two phase analysis used Structural Equation Modeling (SEM) for the first
community-level phase as a theoretically-based latent variable was the primary component of the
research. SEM, using both path analysis and confirmatory factor analysis, can estimate causal
relationships in an exploratory capacity. This is achieved only if an adequate sample has been
collected, data normality has been optimized, satisfactory confirmatory factor analysis measures
have been implemented for both the exogenous and endogenous variables, and overall goodness
of fit standards are achieved (Kline, 2010). SEM offered many potential advantages for
education research due to the versatility of the model and the testing of a wide range of
hypotheses (Kline, 2010). As with any ecological study, issues with covariance among variables
were addressed. SEM provided methods to deal with multicollinearity as well as a straightforward interpretation of the results (Wan, 2002).
As Florida high school attendance boundary areas are nested within larger county-sized
school districts, a second level of analysis was necessary. Testing the profound manifestation of
social disorganization at the community-level in comparison to the district-level was imperative.
It is important that decision makers at the district and state-level empirically understand the
potential for a regression to the mean at the regional level which may impede a proper
community-based intervention. Using multiple linear regression analyses between independent
variables representing social disorganization factors and dependent variables representing high
school academic performance allowed proper attention to nesting aspects and concerns (Bickel,
2007). As noted earlier, SEM analysis was not possible at the district-level due to the small
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district-level sample size being insufficient to detect effect using SPSS AMOS software,
therefore multiple linear regression analyses between the social disorganization predictors
(aggregated to the district-level) and the three high school performance dependent variables
(aggregated to the district-level) were performed.
A descriptive analysis and correlation matrixes of the data was performed using SPSS 22
and AMOS. Highly correlated variables were addressed and eliminated if necessary.
Measurement models were developed for each latent variable in the study using SPSS AMOS
software. Measurement models constructed using AMOS indicated path weights of the
relationships between variables. All models were tested for validity using a generic and revised
model format. Revisions were applied to improve goodness of fit to acceptable levels. Highly
correlated indicators were exposed via the modification indices in the AMOS analysis. These
correlations were addressed in the model with appropriate path additions and revisions.

Table 4: Goodness of Fit Indices (Acceptable Values)
Test
Likelihood Ratio (chi-square/degrees of freedom)
Goodness of Fit Index
Adjusted Goodness of Fit Index
Incremental Fit Index
Normed Fit Index
Comparative Fit Index
Root Mean Square Error of Approximation

Abbreviation
χ2/df
GFI
AGFI
IFI
NFI
CFI
RMSEA

Value
≤ 5.00
>.900
>.900
>.900
>.900
>.900
<.080

Table 4 lists the goodness of fit indices with acceptable values. Comparing the generic
and revised models for each latent variable model, the chi-square (x2) /degrees of freedom (df) or
likelihood ratio was analyzed. The x2 value was divided by the df to produce the x2/df or ∆x2
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value for both the generic and revised model. The difference in the x2 and df values were noted.
The resulting ∆x2 value for model improvement is calculated referring to a Critical Rate (C.R.)
chart for the minimum acceptable ∆x2 value based on the difference in degrees of freedom
between the original generic and revised model and optimized goodness of fit indices.

Covariance Structure Model
The community-level structural equation model (SEM) analysis allowed for the path
weight relationships to be studied between those schools with Five Star School award status and
those that are not recipients of the family and community involvement recognition. The
hypothesis was that the Five Star School award group academic performance – being more likely
to have developed strong family and community involvement – had a moderating effect on high
school performance with social disorganization factors simultaneously considered. See Figure 5.
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Figure 5: Covariance Structure Model
The hypothesis that social disorganization is negatively associated with Florida public
high school academic performance at the community-level was tested by analyzing the path
weight between the social disorganization latent exogenous variable and the endogenous
variable, High School Performance, and indicated whether a significant correlation existed
between the two variables. The SEM analysis constituted phase one of the analysis testing
associations at the community-level.
Phase two of the analysis measured social disorganization effect on high school
performance at the district-level via multiple linear regression analyses conducted using SPSS 22
tested associations between social disorganization predictors and high school academic
performance dependent variables at the district-level: average FCAT Scores (FC); average NonFCAT Scores (NFC); and average Adequate Yearly Progress (AYP) percentage. The choice of
multiple linear regression analyses rather than structural equation modeling at the district-level
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was due to the small number of units of analysis (29 school districts) available. As noted, the
U.S. Census Bureau (2011a) SABS data were statistically limited to high schools with traditional
school area boundary catchment zones in the highest populated 29 counties (school districts) in
Florida (see Appendices C and D). The table associated with these analyses reported the multiple
linear regression analysis unstandardized coefficient, standard error, standardized coefficient, pvalue, t-value, 𝑅2 value, F test and Durbin-Watson statistic.

Constraints
This study attempted to test whether social disorganization theory applies to public high
school academic performance in Florida at the community and district levels. The moderating
effect of family and community involvement was considered using the dichotomous variable
Five Star School award as described earlier. Findings from the study provided a clearer picture as
to the relevance of social disorganization theory to education outcomes. While SEM has several
strengths, limitations such as omitted variables, model fitting issues, and proper theoretical basis
for latent variables are notable. All latent variables must be founded on a ubiquitous vernacular
using theoretically-based components. Model fitting should be viewed against empirical and
theoretical standards (Kline, 2010; Wan, 2002).
In any ecological study, the threat of ecological fallacy must be considered. Simply,
individual characteristics must not be inferred from aggregated results. Having a communitybased unit of analysis, the Florida public high school, diminishes this limitation, but equal
consideration must be given of potential associations for individuals from the various
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communities in the study. As the study was limited to high schools in Florida, the specific state
laws toward education may limit generalizability to other states. As mentioned in previous
sections, limitations exist within the SABS data with regard to the number of high schools and
school districts available for analysis and did not include schools without geographic student
attendance boundary areas or school districts (counties) with populations under approximately
150,000 persons (see Appendices C and D). In addition, limitations to the measure of residential
mobility existed due to the Florida Department of Education not including non-full year student
enrollees’ scores in tabulating overall grade scores, however, the residential mobility statistic
used in the social disorganization construct is from the SABS data and thereby included, despite
potential limitations with regard to student performance not measured in the state data.
Limitations with the Five Star School award must be noted. Each applying school was
obligated to fully meet all criteria (see Appendix A), however the decision to grant satisfaction of
criteria was at the sole discretion of a Florida Department of Education administrator and no
official public record existed measuring partial completion of any or all criteria. For this reason,
creating a continuous independent variable using the Florida Five Star School award criteria was
not possible and the dichotomous FSA variable was created.
This study used U.S. Census Bureau and Florida Department of Education secondary data
that is currently available to the public-at-large. This implied little to no ethical considerations.
Reaching a sample population adequate for analysis was established. There were no monetary
costs associated with this study.
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CHAPTER 4: FINDINGS
This two-phase study examined the relationship between an ecological construct, social
disorganization, and Florida public high school performance while simultaneously considering
the potential moderating effect of satisfying the Five Star School award criteria for family and
community involvement. As mentioned throughout the study, community-level analysis refers to
the area encompassing the school attendance boundary catchment area for the 2010-2011 Florida
school year. District-level analysis refers to the area composing the entire school district, in the
State of Florida this follows the official county borders.
In the first phase, the study used a cross-sectional, non-experimental design analyzing
secondary data by structural equation modeling (SEM) at the community-level. For the second
phase, the study used a cross-sectional, non-experimental design analyzing aggregated secondary
data in multiple linear regressions assessing statistically significant associations between social
disorganization predictors and school academic performance variables at the school district level
(hereinafter referred to as district-level). SEM analysis was not possible at the district-level due
to the small sample size being insufficient to detect effect using SPSS AMOS software, therefore
multiple linear regression analyses between the social disorganization predictors (aggregated to
the district-level) and the three high school performance dependent variables (aggregated to the
district-level) were performed.
The unit of analysis at the community-level was a Florida public high school with
traditional school attendance boundary catchment areas excluding magnet, open enrollment
charter or other specialized public high schools without catchment areas at the district-level or
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higher (see Appendix D for a list of high schools included and excluded in this study). Social
disorganization data were limited to 29 of the highest population counties in Florida (from a total
of 67) due to community-level aggregate data significance concerns with SABS data (see
Appendix C for a list of counties included and excluded in the study). In this section, phase one
results of the data analysis are presented using a cross-sectional structural equation model to
measure the community-level association and phase two results are presented using multiple
linear regressions to measure district-level (county) associations.
At the community-level analysis, a latent endogenous variable (dependent), entitled High
School Performance, was created and included the indicators FCAT score, Non-FCAT score and
the Adequate Yearly Progress (AYP) percentage as reported for the 2010-2011 school year by
the Florida Department of Education (2014). Also at the community-level analysis, a latent
exogenous variable (independent) entitled Social Disorganization was created and included the
indicators community size, residential mobility, divorced or separated persons, single-parent
households, low median income, low education attainment and ethnic heterogeneity as reported
by the U.S. Census Bureau (2011a) SABS aggregate of the American Community Survey (U.S.
Census Bureau, 2011b). For this study, being awarded the Five Star School award by
successfully satisfying all criteria for the 2010-2011 Florida school year produced a 1 value
while not receiving the award received a value of 0; therefore, the Five Star School Award is
dichotomous.
To begin, a descriptive analysis was performed for the social disorganization and high
school performance latent variables as well as for the Five Star School Award moderating
75

variable. After descriptive analyses at the community and district levels, univariate (normality)
analyses measuring skewness, kurtosis, and Shapiro-Wilk values were conducted at the
community and district levels. Some data were transformed either using natural log (Lg10) or
square root (SqRt) to best improve skewness, kurtosis and Shapiro-Wilk values.
After optimal levels of skewness, kurtosis, and Shapiro-Wilk values were achieved,
correlation analyses were performed. Following the correlation discussion, confirmatory factor
analyses were performed to assess model fit within each measurement model at the communitylevel. A revised social disorganization measurement model was created with statistically
insignificant indicators removed from the generic model. Goodness of fit indices were used to
assist in model optimization. Reliability analyses were then performed for both measurement
models measuring the Cronbach’s alpha value. Once optimal reliability measures and goodness
of fit values were achieved, a covariance structure model was analyzed, model fit optimized and
significant coefficients explained.
Following the phase one community-level structural equation model (SEM) analysis,
phase two district-level analyses were completed using multiple linear regression to test the
association between social disorganization independent variables and dependent variables
measuring high school performance at the district-level; those being average FCAT scores,
average Non-FCAT scores and average Adequate Yearly Progress percentages for the 2010-2011
school year. Finally, hypotheses testing is reported.
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Descriptive Statistics
Prior to the phase one structural equation model (SEM) and phase two multiple linear
regression analyses, a descriptive analysis was performed. This section provides frequency tables
for each indicator variable. There were 315 community-level units of analysis, traditional Florida
public high school, as allowed using U.S. Census Bureau (2011a) SABS and Florida Department
of Education (2014) data. The community-level sample size is more than two times greater than
the minimum 152 units necessary to detect effect and 138 required for model structure as
recommended using the A priori sample size calculator,
http://www.danielsoper.com/statcalc3/calc.aspx?id=89#, to satisfy an anticipated effect size of .1
with a statistical power level of at least .08 at a .05 probability level. This was assuming two
latent variables with 11 observed variables in the model. Missing data was less than one percent
and imputed using the indicator variable mean.
After descriptive analyses at the community and district levels, univariate analyses
measuring skewness, kurtosis, and Shapiro-Wilk values are provided at the community and
district levels. These tests show data distribution and provide a basis for optimizing normality by
transforming data either using natural log (Lg10) or square root (SqRt) to best improve
skewness, kurtosis and Shapiro-Wilk values. Descriptive analysis tables featuring the
transformed data at both the community and district levels will also be provided.
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Descriptive Statistics at the Community-Level
For the community-level SEM analysis, the endogenous (dependent) variable is labeled
High School Performance and consists of the indicator variables FCAT score (FC), Non-FCAT
score (NFC), and Adequate Yearly Performance (AYP) percentage. The moderating
dichotomous variable is Five Star School Award (FSA) and is a policy measure of family and
community participation. The exogenous (independent) variable is labeled Social
Disorganization and consists of the indicator variables Community Size (CS), Residential
Mobility (RM), Single-Parent Households (SPH), Low Median Income (LMI), Low Education
Attainment (LEA), Divorced or Separated Persons (DS), and Ethnic Heterogeneity (EH).
Table 5: Descriptive Statistics at the Community-Level
Indicator Variable (Label)
N Minimum Maximum
Mean
Std. Deviation
FCAT Score (FC)
315 353.00
659.00
488.3587
60.09882
Non-FCAT Score (NFC)
315 395.00
792.00
631.4000
73.83472
Adequate Yearly Progress (AYP)
315
.56
1.00
.7920
.07446
Five Star School Award (FSA)*
315
.00
1.00
.2476
.43232
Community Size (CS)
315
1793
248636
59283.61
39302.3491
Residential Mobility (RM)
315
4.50
44.70
16.6857
5.17534
Single-Parent Households (SPH)
315
6.50
43.10
17.6943
6.06623
Low Median Income (LMI)**
315 .000009 .000044 .00002115 .000005852
Low Education Attainment (LEA)*** 315
.0163
.2564
.047006
.0238874
Divorced or Separated (DS)
315
10.10
46.70
28.7006
5.42544
Ethnic Heterogeneity (EH)
315
.05
.69
.4430
.14679
* Of the 315 Florida public high schools, 78 received the Five Star School Award for the 20102011 school year.
** SABS data for Median Income was inversed to create LMI indicator variable. At the
community-level, the minimum Median Income was 22,738, the maximum Median Income was
106,186, and the mean was 50,846.81 with a standard deviation of 14,251.12.
*** SABS data for Education Attainment (percentage of college graduates) was inversed to
create LEA indicator variable. At the community-level, the minimum amount of 4-year college
graduates was 3.9 percent, the maximum amount of 4-year college graduates was 61.50 percent,
and the mean was 25.79 percent with a standard deviation of 10.83.
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Strictly measuring state standardized test performance, the mean High School FCAT
score (FC) (see Table 1) for the 2010-2011 school year was approximately 488, with the lowest
scoring 353 and the highest scoring almost double at 659. Non-FCAT scores (NFC) measuring
several factors outside specific student test scores (see Table 1) ranged from a low of 395 to a
high of 792 with a mean of 631. Adequate Yearly Progress (AYP), measuring satisfaction of
state mandated thresholds in performance improvement (see Table 2), ranged from a low 56
percent satisfaction to a high of 100 percent satisfaction with a mean of approximately 79
percent. Regarding the Five Star School award, 78 of the 315 high schools received the award for
the 2010-2011 school year recognizing satisfaction of all criteria necessary in family and
community involvement (see Appendices A and B).
The first social disorganization indicator variable representing urban proximity,
Community size (CS) varied greatly from the smallest high school boundary catchment area
population of 1,793 to the largest of 248,636, with a mean of 59,283. Residential mobility (RM),
had a mean of 16.7 percent of the community changing residences in the past year, however
ranged widely with the lowest community showing of 4.5 percent and the highest 44.7 percent. It
is important to note that such high rates could be the result of the dearth of new home building in
some communities, not unusual in the state of Florida, as equally as the transiency associated
with high rental communities. This was also soon after the housing market collapse of 2007-8.
Further research is needed. Regardless, the recent displacing of students, regardless of socioeconomic status circumstances, and its effect on academic performance is a part of this analysis.
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The mean for Single-Parent Households (SPH) was 17.7 percent for all communities with a
minimum of 6.5 percent and a maximum of 43.1 percent.
U.S. Census Bureau (2011a) SABS raw data for Median Income and Education
Attainment was inversed to create the Low Median Income (LMI) and Low Education
Attainment (LEA) indicator variables, respectively, in order to maintain consistency with the
other measurement model indicators’ theoretical negative association with the High School
Performance latent variable. At the community-level, the lowest community median income was
$22,738.00, with the highest community median income being $106,186.00. The mean was a
median income of $50,846.81 with a standard deviation of $14,251.12. At the community-level,
the community with the least amount of college graduates was 3.9 percent, and the community
with the highest amount of college graduates had 61.50 percent. The average number of college
graduates at the community-level was 25.79 percent of the population with a standard deviation
of 10.83 percent.
The community with highest number of divorced or separated persons made up 46.70
percent of the population. The mean for Divorced or Separated (DS) was 28.7 percent of the
population with the lowest scoring community at 10.1 percent. Finally, Ethnic Heterogeneity
(EH) examined the probability that if two persons were chosen, one is from a different ethnicity
or race. The most diverse community had a probability of 69 percent with the most homogenous
community scoring a probability of 5 percent. The mean for EH was 44.3 percent for the 315
high school communities.
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Descriptive Statistics at the District-Level (County)
At the district-level (county), community-level data was aggregated to create all district
variables with the exception of District Population (DP), which is data provided by the U.S.
Census Bureau (2016) from the 2010 U.S. Census. The variance in school district use of magnet,
charter, or other schools that pooled from a larger or no catchment areas for the 2010-2011
school year make the county population variable more appropriate in measuring urbanization at
the district-level. Table 6: Descriptive Statistics at the District-Level (county) provides the N,
minimum, maximum, mean and standard deviation for each variable.
Table 6: Descriptive Statistics for the District-Level (County) Variables
Indicator Variable (Label)
N Minimum Maximum
Mean
Std. Deviation
FCAT Score (FC)
29 429.571
575.500 496.20139
34.432346
Non-FCAT Score (NFC)
29 547.714
708.400 636.30189
41.393865
Adequate Yearly Progress (AYP)
29
.720
.923
.80397
.048689
District Population (DP)
29 151,372 2,496,435 584,160
584,658.733
Residential Mobility (RM)
29 12.911
25.160
17.00474
2.758109
Single-Parent Household (SPH)
29 11.050
25.445
16.44981
3.151977
Low Median Income (LMI)*
29 .00378
.00499
.0045502
.00027490
Low Education Attainment (LED)** 29 .02551
.06953
.0481411
.01213419
Divorced or Separated (DS)
29 22.560
34.820
28.12178
2.593005
Ethnic Heterogeneity (EH)
29
.2231
.5842
.4133
.1044492
Five Star School Award (FSA)***
29
.000
1.000
.23210
.302205
* SABS data for Median Income was inversed to create LMI indicator variable.
** SABS data for Education Attainment was inversed to create LED indicator variable.
*** Of the 29 districts, 14 had at least one high school receive the Five Star School Award for
the 2010-2011 school year.

As might be expected with aggregated data at the district-level, the ranges of all variables
were greatly reduced, with an expected regression to the mean. For FCAT scores (FC), the
lowest recorded district, Duval County had an average of 429.57 score for its high schools with
the highest scoring district, neighboring St. Johns County, averaged 575.50 among all its schools.
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The lowest Non-FCAT score (NFC) average was also the Duval County school district with
547.17, while the highest was the Santa Rosa County school district with an average of 708.40.
Adequate Yearly Progress scores (AYP) ranged from a low of a 72 percent average of AYP
criteria satisfied in the Duval County school district to a high of a 92.3 percent average, again in
the neighboring St. Johns County school district.
The first of the district-level social disorganization variables, District Population (DP),
varied widely in the 2010 Census, albeit not to the extent of community-level Community Size
(CS), from the smallest county, Santa Rosa with a population of 151,372, to the largest, MiamiDade County’s 2,496,435 inhabitants in 2010 (U.S. Census, 2016). The mean district population
was 584,160. Residential Mobility (RM) varied with the lowest percentage being found in
Volusia County at 12.91 and the highest being 25.60 in Leon County. The percentage of
Divorced or Separated (DS) persons were highest in Pinellas County at 34.82 percent with Leon
County the lowest at 22.50 percent. Sarasota County high school communities had the fewest
number of Single-Parent Households (SPH) at 11.05 percent with Miami-Dade County recording
the highest at 25.44 percent. Ethnic Heterogeneity (EH) was lowest in Santa Rosa County at
22.31 percent with Broward County being the highest with a 58.42 percent chance that two
persons randomly chosen would be from different ethnicities. Similar to the community-level,
district-level Low Median Income (LMI) and Low Education Attainment (LEA) variables were
inversed from SABS Median Income and Education Attainment data, respectively. The highest
median income was St. Johns County at $75,798.67 with the lowest median income being
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Marion County at $40,532.43. For LEA, Leon County had the highest percentage of college
graduates with 42.08 percent and Hernando County was the lowest at only 15.33 percent.
Only fourteen of the twenty-nine districts included in the study had at least one high
school receive the Five Star School award for the 2010-2011 school year (see Appendix B). The
percentage of all schools awarded in each of the 14 districts ranged from one hundred percent of
Brevard County high schools to 16.7 percent of Okaloosa County high schools. The mean FSA
of all districts is 23.21 percent, while the average percentage of high schools receiving the Five
Star School award in the 14 districts with at least one awarded high school was 48.07 percent of
all schools for the 2010-2011 school year.

Univariate Analysis at the Community-Level
It is recommended that variables be tested for univariate normality (normal distribution)
prior to multivariate analysis, especially for structural equation modeling (SEM), which assumes
normality for all indicator variables (Finney & DiStefano, 2013; Mertler & Vannatta, 2005;
Kline, 2010; Wan, 2002). Skewness and kurtosis ratios as well as the Shapiro-Wilk test were
used in this analysis to test normality. Skewness and kurtosis statistics are divided by the
respective standard error with a value within +/- 1.96 deemed acceptable (Kline, 2010).
However, normality is generally accepted with skewness values in the range of +/- 1 and kurtosis
values in the range of +/- 3 (Finney & DiStefano, 2013). The Shapiro-Wilk test of normality is
recommended for studies with sample sizes less than 2,000 whereupon a high p-value (greater
than .05) for the statistic rejects the null hypothesis of non-normal distribution (Kline, 2010). For
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this study, variables with skewness values outside the +/- 1 range and/or kurtosis values outside
the +/- 3 range would be transformed to bring normality levels closest to optimal levels. As
recommended, transformation was performed using both square root and natural log functions on
SPSS, with the transformation yielding the optimal normality values chosen (Mertler &
Vannatta, 2005). Table 7: Normality Tests at the Community-Level lists normality values for all
community-level variables.
Table 7: Normality Tests at the Community-Level
Indicator N Skewness Std. Error Kurtosis Std. Error Shapiro-Wilk Test df P-Value
CS
315 2.494
.137
8.055
.274
.762
315 .000
RM
315 1.069
.137
3.207
.274
.949
315 .000
SPH
315 1.298
.137
2.206
.274
.912
315 .000
LMI
315 1.124
.137
2.609
.274
.929
315 .000
LEA
315 2.797
.137
18.295
.274
.815
315 .000
DS
315
.036
.137
.389
.274
.995
315 .325
EH
315 -.453
.137
-.530
.274
.969
315 .000
FSA
315 1.175
.137
-.623
.274
.536
315 .000
FC
315
.235
.137
-.311
.274
.992
315 .085
NFC
315 -.209
.137
-.454
.274
.990
315 .023
AYP
315
.291
.137
-.015
.274
.979
315 .000
N: Number; Std.: Standard; df: Degrees of Freedom; CS: Community Size; RM: Residential
Mobility; SPH: Single-Parent Households; LMI: Low Median Income; LEA: Low Education
Attainment; DS: Divorced or Separated Households; FSA: Five Star School Award; FC: FCAT
Score; NFC: Non-FCAT Score; AYP: Adequate Yearly Progress.
As noted above, acceptable normality values for all tests was only found in one variable,
Divorced or Separated (DS). That being said, three variables had acceptable skewness and
kurtosis values and would not be transformed, those being Ethnic Heterogeneity (EH), NonFCAT scores (NFC), and Adequate Yearly Progress (AYP). A fourth variable, FCAT scores
(FC), eventually was transformed by natural log (Lg10) due to over identification problems in
the structural equation model. Being that the Five Star School award variable (FSA) was
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dichotomous, it was not transformed, despite a slightly high skewness value. Transformed
variables included FC (LgFC), Community-Size (LgCS), Residential Mobility (SqRM), SingleParent Households (LgSPH), Low Median Income (LgLMI), and Low Education Attainment
(LgLEA). Natural log transformations (Lg10) produced the optimal normality values for all
transformed variables with the exception of residential mobility (SqRM), whereupon the square
root transformation was kept. As seen in the above and onward, variables transformed with
natural log (Lg10) are designated henceforth with an “Lg” prior to the variable acronym, and
those transformed via square root are designated henceforth with a “Sq” prior to the variable
acronym. Descriptive Statistics of the transformed variables at the community-level are available
in Appendix E. Table 8: Normality Tests with Transformed Variables at the Community-Level
lists the normality test values for all community-level variables after the transformation process.
Table 8: Normality Tests with the Transformed Variables at the Community-Level
Indicator Trans. N Skewness Std. Error Kurtosis Std. Error Shapiro-Wilk Test df P-Value
LgCS
Lg10 315 -.804
.137
3.964
.274
.993
315 .000
SqRM
SqRt 315 .337
.137
1.282
.274
.986
315 .000
LgSPH Lg10 315 .221
.137
.324
.274
.991
315 .046
LgLMI Lg10 315 -.057
.137
.848
.274
.980
315 .000
LgLEA Lg10 315 .347
.137
.023
.274
.986
315 .004
DS
none 315 .036
.137
.389
.274
.995
315 .325
EH
none 315 -.453
.137
-.530
.274
.969
315 .000
FSA
none 315 1.175
.137
-.623
.274
.536
315 .000
LgFC
Lg10 315 -.062
.137
-.379
.274
.995
315 .442
NFC
none 315 -.209
.137
-.454
.274
.990
315 .023
AYP
none 315 .291
.137
-.015
.274
.979
315 .000
Trans.: Transformation; N: Number; Std.:Standard; df: Degrees of Freedom; LgCS: Log
Community Size; SqRM: Square Root Residential Mobility; LgSPH: Log Single-Parent
Households; LgLMI: Log Low Median Income; LgLEA: Log Low Education Attainment; DS:
Divorced or Separated; EH: Ethnic Heterogeneity; FSA: Five Star School Award; LgFC: Log
FCAT Score; NFC: Non-FCAT Score; AYP: Adequate Yearly Progress.
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As is seen in Table 8, normality values for all transformed variables have been optimized.
Outside of the dichotomous variable FSA, all variables with the exception of LgCS now fall
within acceptable skewness and kurtosis levels. LgCS is slightly leptokurtic (positive kurtosis
above 3), which has been shown to have a moderate positive effect on χ2 (Finney & DiStefano,
2013). Only two Shapiro-Wilk values rejected the null hypothesis (DS and FC), however, based
on the preponderance of evidence (skewness and kurtosis tests included), optimal levels of
normality were achieved for variables at the community-level.

Univariate Analysis at the District-Level (County)
Normality tests and the process therewith were conducted on the aggregated district-level
variables with results listed in Table 9: Normality Tests at the District-Level (County).
Table 9: Normality Tests at the District-Level (County)
Indicator N Skewness Std. Error Kurtosis Std. Error Shapiro-Wilk Test df P-Value
DP
29
2.083
.434
4.653
.845
.742
29
.000
RM
29
.946
.434
1.191
.845
.942
29
.116
SPH
29
.952
.434
1.212
.845
.942
29
.117
LMI
29
-.890
.434
1.102
.845
.946
29
.144
LEA
29
-.176
.434
-.689
.845
.972
29
.613
DS
29
.420
.434
.668
.845
.971
29
.599
EH
29
-.073
.434
-1.048
.845
.964
29
.400
FSA
29
1.207
.434
.590
.845
.778
29
.000
FC
29
.384
.434
.025
.845
.956
29
.254
NFC
29
-.173
.434
-.486
.845
.978
29
.778
AYP
29
.659
.434
.038
.845
.959
29
.308
N: Number; Std.: Standard; df: Degrees of Freedom; DP: District Population; RM: Residential
Mobility; SPH: Single-Parent Households; LMI: Low Median Income; LEA: Low Education
Attainment; DS: Divorced or Separated; FSA: Five Star School Award; FC: FCAT Score; NFC:
Non-FCAT Score; AYP: Adequate Yearly Progress.
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As is seen in Table 9, the variables LEA, DS, EH, FC, NFC and AYP all showed
acceptable skewness, kurtosis and Shapiro-Wilk values. While RM, SPH, and LMI also were
within acceptable parameters, efforts to reduce skewness and kurtosis were thought advisable.
Unlike at the community-level, the FSA variable is not dichotomous at the district-level in that a
reduced N of 14 allows analysis based on the percentage of high schools within the district
receiving the Five Star School Award. That being the case, the natural log (Lg10) transformation
of FSA (LgFSA) produced the optimal normality values. Other transformed variables included
District Population (LgDP), Residential Mobility (LgRM), Single-Parent Households (LgSPH),
and Low Median Income (SqLMI). As noted by the revised variable acronym, the natural log
(Lg10) transformation produced the optimal normality test values with the exception of SqRM,
whereupon the square root transformation produced optimal normality. Table 10: Normality
Tests with Transformed Variables at the District-Level (County) lists the normality test values
for all district-level variables after the transformation process.
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Table 10: Normality Tests with the Transformed Variables at the District-Level (County)
Indicator N Skewness Std. Error Kurtosis Std. Error Shapiro-Wilk Test df P-Value
LgDP
29
.677
.434
-.369
.845
.938
29
.089
LgRM
29
.522
.434
.071
.845
.973
29
.645
LgSPH 29
.394
.434
.371
.845
.979
29
.802
SqLMI 29
-.989
.434
1.359
.845
.937
29
.085
LEA
29
-.176
.434
-.689
.845
.972
29
.613
DS
29
.420
.434
.668
.845
.971
29
.599
EH
29
-.073
.434
-1.048
.845
.964
29
.400
LgFSA 14
.044
.597
-.585
1.154
.964
14
.781
FC
29
.384
.434
.025
.845
.956
29
.254
NFC
29
-.173
.434
-.486
.845
.978
29
.778
AYP
29
.659
.434
.038
.845
.959
29
.308
N: Number; Std.: Standard; df: Degrees of Freedom; LgDP: Log District Population; LgRM:
Log Residential Mobility; LgSPH: Log Single-Parent Households; SqLMI: Square Root Low
Median Income; LEA: Low Education Attainment; DS: Divorced or Separated; EH: Ethnic
Heterogeneity; LgFSA: Log Five Star School Award; FC: FCAT Score; NFC: Non-FCAT
Score; AYP: Adequate Yearly Progress.
As seen in Table 10, after the data transformations all district-level variables produced
acceptable skewness, kurtosis and Shapiro-Wilk values (including rejecting all null hypotheses),
therefore optimal normality was achieved for all variables at the district-level.

Correlation Analysis
Examining each latent variable construct, bivariate correlation coefficients were observed
between all respective indicator variables at the community and district levels. Pearson
correlation values and p-values are reported in each table: one representing the high school
performance endogenous latent variable indicators at the community-level (Table 11); a table
representing the social disorganization exogenous latent variable indicators at the community-
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level (Table 12); a table representing dependent variables at the district-level (Table 13); and
finally, a table representing independent variables at the district-level (Table 14).
The purpose of the correlation analyses was to detect multicollinearity between the
variables as unacceptable levels create biased regression coefficient issues by essentially
measuring the same thing with redundant variables (Kline, 2010). Generally, a statistically
significant Pearson’s correlation score of .80 or higher is considered the cut-off point for
multicollinearity. Variables correlated above this point should have one eliminated or both
combined into a single variable (Kline, 2010).

Table 11: Correlation Analysis for High School Performance Indicators at the Community-Level
Log FCAT
Non-FCAT Adequate Yearly
Score
Score
Progress (AYP)
**
Log FCAT Score
Pearson Correlation
1
.732
.600**
Sig. (2-tailed)
.000
.000
N
315
315
315
**
Non-FCAT Score
Pearson Correlation
.732
1
.496**
Sig. (2-tailed)
.000
.000
N
315
315
315
Adequate Yearly
Pearson Correlation
.600**
.496**
1
Progress
Sig. (2-tailed)
.000
.000
N
315
315
315
**. Correlation is significant at the 0.01 level (2-tailed).
As seen in Table 11, all High School Performance indicator correlations were statistically
significant with relatively high positive Pearson Correlation scores ranging from .496 (AYP and
NFC) to .732 (LgFC and NFC). However, correlations of this magnitude are not unexpected
when constructing a latent variable for SEM (Wan, 2002). While some may view this magnitude
of correlation on the borderline of acceptability (Kline, 2010), the necessity for three indicator
variables in the measurement model, preserving the nuanced differences of measurement
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between LgFC and NFC, as well as scoring under the threshold of .80 permitted inclusion of all
variables. That being said, this study determined there was no major multicollinearity threat
among the High School Performance indicator variables at the community-level.

Table 12: Correlation Analysis for Social Disorganization Indicators at the Community-Level
LgCS SqRM LgSPH LgLMI LgLEA DS
EH
**
**
**
LgCS
Pearson Correlation
1
.189
.053
.042 -.225
.217
.264**
Sig. (2-tailed)
.001
.347
.458
.000
.000
.000
N
315
315
315
315
315
315
315
**
*
**
**
SqRM Pearson Correlation
.189
1
.118
.272
-.081 .269
.364**
Sig. (2-tailed)
.001
.037
.000
.149
.000
.000
N
315
315
315
315
315
315
315
LgSPH Pearson Correlation
.053
.118*
1
.519** .504** .404** .344**
Sig. (2-tailed)
.347
.037
.000
.000
.000
.000
N
315
315
315
315
315
315
315
**
**
**
**
LgLMI Pearson Correlation
.042
.272
.519
1
.713
.557
-.032
Sig. (2-tailed)
.458
.000
.000
.000
.000
.568
N
315
315
315
315
315
315
315
LgLEA Pearson Correlation
-.225** -.081
.504** .713**
1
.311** -.111*
Sig. (2-tailed)
.000
.149
.000
.000
.000
.048
N
315
315
315
315
315
315
315
DS
Pearson Correlation
.217** .269** .404** .557** .311**
1
.015
Sig. (2-tailed)
.000
.000
.000
.000
.000
.785
N
315
315
315
315
315
315
315
**
**
**
*
EH
Pearson Correlation
.264
.364
.344
-.032 -.111
.015
1
Sig. (2-tailed)
.000
.000
.000
.568
.048
.785
N
315
315
315
315
315
315
315
LgCS: Log Community Size; SqRM: Square Root Residential Mobility; LgSPH: Log SingleParent Households; LgLMI: Log Low Median Income; LgLEA: Log Low Education Attainment;
DS: Divorced or Separated; EH: Ethnic Heterogeneity
**. Correlation is significant at the 0.01 level (2-tailed).
*. Correlation is statistically significant at the .05 level (2-tailed).
As seen in Table 12, social disorganization indicator variables also show a wide range of
correlations that are statistically significant at the community-level, however, most are well
below the .80 threshold. The highest correlation exists between socio-economic status related
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variables LgLMI and LgLEA, with a statistically significant Pearson correlation of .713. Similar
to the High School Performance construct, preserving the nuanced differences of measurement
between LgLMI and LgLEA as well as scoring under the threshold of .80 permit inclusion of
both variables. Verily, this study determined there was no major multicollinearity threat among
the Social Disorganization indicator variables at the community-level.

Table 13: Correlation Analysis for the Dependent Variables at the District-Level (County)
FCAT
Non-FCAT
Adequate Yearly
Score
Score
Progress
**
FCAT Score
Pearson
1
.821
.799**
Correlation
Sig. (2-tailed)
.000
.000
N
29
29
29
**
Non-FCAT Score
Pearson
.821
1
.702**
Correlation
Sig. (2-tailed)
.000
.000
N
29
29
29
Adequate Yearly
Pearson
.799**
.702**
1
Progress
Correlation
Sig. (2-tailed)
.000
.000
N
29
29
29
**. Correlation is significant at the 0.01 level (2-tailed).

Table 13 demonstrates that all High School Performance variable correlations at the
district-level are statistically significant with very high positive Pearson Correlation scores
ranging from .702 (AYP and NFC) to .821 (FC and NFC). As this aggregated data will not be
used in a structural equation model as the N of 29 is far too small to provide an adequate analysis
(Kline, 2010), multicollinearity between the dependent variables will not be an issue with each
receiving an independent regression analysis with the district-level aggregated social
disorganization predictors.
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Table 14: Correlation Analysis for Independent Variables at the District-Level (County)
LgDP LgRM LgSPH SqLMI LEA DS EH LgFSA
LgDP Pearson Correlation
1
-.186 .511**
.127 -.177 .440* .510** -.115
Sig. (2-tailed)
.335
.005
.511
.358 .017 .005
.695
N
29
29
29
29
29
29
29
14
LgRM Pearson Correlation
-.186
1
.215
.140 -.193 -.266 .317 -.465
Sig. (2-tailed)
.335
.264
.468
.316 .164 .094
.094
N
29
29
29
29
29
29
29
14
**
**
LgSPH Pearson Correlation
.511
.215
1
.360
.114 .244 .668
-.079
Sig. (2-tailed)
.005 .264
.055
.556 .203 .000
.789
N
29
29
29
29
29
29
29
14
**
SqLMI Pearson Correlation
.127 .140
.360
1
.517 .328 .218 -.275
Sig. (2-tailed)
.511 .468
.055
.004 .082 .256
.341
N
29
29
29
29
29
29
29
14
LEA
Pearson Correlation
-.177 -.193
.114
.517**
1
.218 -.122 -.068
Sig. (2-tailed)
.358 .316
.556
.004
.255 .527
.816
N
29
29
29
29
29
29
29
14
*
DS
Pearson Correlation
.440 -.266
.244
.328
.218
1 -.023 .081
Sig. (2-tailed)
.017 .164
.203
.082
.255
.904
.783
N
29
29
29
29
29
29
29
14
EH
Pearson Correlation
.510** .317 .668**
.218 -.122 -.023 1
.013
Sig. (2-tailed)
.005 .094
.000
.256
.527 .904
.965
N
29
29
29
29
29
29
29
14
LgFSA Pearson Correlation
-.115 -.465 -.079
-.275 -.068 .081 .013
1
Sig. (2-tailed)
.695 .094
.789
.341
.816 .783 .965
N
14
14
14
14
14
14
14
14
LgDP: Log District Population; LgRM: Log Residential Mobility; SqLMI: Square Root Low
Median Income; LEA: Low Education Attainment; DS: Divorced or Separated; EH: Ethnic
Heterogeneity; LgFSA: Five Star School Award.
**. Correlation is significant at the 0.01 level (2-tailed).
*. Correlation is significant at the 0.05 level (2-tailed).
As seen in Table 14, significant correlations of the independent variables constituting
social disorganization and the percentage of school receiving the Five Star School Award within
each district occured less frequently compared with the community-level with each falling far
under the .80 Pearson correlation threshold. The highest significant correlations occurred
between the district-level aggregate variable Single-Parent-Households (LgSPH) and Ethnic
92

Heterogeneity (EH) with a Pearson correlation of .668 as well as District Population (LgDP)
with a Pearson correlation of .511. With the correlation analysis completed, confirmatory factor
analysis began at the community-level.

Confirmatory Factor Analysis
Confirmatory factor analysis was necessary for the phase one community-level structural
equation model analysis to ensure the data and model fit properly (Kline, 2010; Wan, 2002).
Each measurement model now contained the transformed community-level variables as
prescribed in the previous section. The endogenous latent variable, or dependent variable
construct measuring High School Performance, was composed of the indicator variables FCAT
Score (LgFC), Non-FCAT Score (NFC) and Adequate Yearly Progress (AYP). The exogenous
latent variable, or independent variable construct measuring Social Disorganization, was
composed of the indicator variables Community Size (LgCS), Residential Mobility (SqRM),
Single-Parent Households (LgSPH), Low Median Income (LgLMI), Low Education Attainment
(LgLEA), Divorced or Separated (DS), and Ethnic Heterogeneity (EH). Wan (2002) suggests a
three step technique to improve model fit. First, using SPSS AMOS, one indicator for each
construct was chosen as the scale factor. For the High School Performance measurement model,
that variable was LgFC, or FCAT Scores. For the Social Disorganization measurement model,
that indicator was DS. The choice of any significant indicator variable should not alter the
analysis results. A regression weight of 1 was assigned to the scale indicators in order to
calculate estimates of the other factor loadings.
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The first step was to test factor loadings for each generic measurement model construct.
When the model did not achieve goodness of fit thresholds for the dataset, revisions were made
including removing insignificant indicator variables and weak significant indicators with very
low factor loadings (Wan, 2002). Critical ratios (C.R.) and p-value scores are tested and those
insignificant variables removed (>.05 p-value). At the community-level, all confirmatory factor
analyses were performed using SPSS AMOS 22 software.
For the second step, goodness of fit indices were used (see Table 4) to determine the
appropriateness of indicators in the generic models. After removing insignificant and/or weak
indicators, each goodness of fit statistic was checked. If the values were not within acceptable
parameters (see Table 4), significantly correlated measurement errors of indicator factor weights
were connected as presented under modification indices in the SPSS AMOS 22 analysis (Wan,
2002). Finally, when each measurement model achieved optimum fit, a covariance structure
model was created between the exogenous and endogenous variables including the moderating
Five Star School award variable (Wan, 2002).

High School Performance Measurement Model: A Just Identified Model with Three Indicators
Figure 6 shows the generic model for the endogenous latent variable construct High
School Performance. As seen in Table 15, all indicator variables had significant p-values and
moderate to high standardized regression coefficients. Reviewing modification indices in the
analysis, there were no significant correlations of the measurement errors of indicator factor
weights. That being the case, there was no manner in which to better optimize the model.
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Figure 6: High School Performance Measurement Model: Parameter Estimates

Table 15: High School Performance Measurement Model, Path Parameter Statistics
Unstd.
Standardized
Regression
Regression
Path Parameter
Coefficient S.E.
C.R. P-Value Coefficient
LgFC
High School Performance
1.00
****
****
***
.941
NFC
High School Performance
1140.035 89.244 12.774
***
.778
AYP
High School Performance
.942
.086 10.926
***
.637
Unstd.: Unstandardized; S.E. Standard Error; C.R.: Critical Ratio; LgFC: Log FCAT Score;
NFC: Non-FCAT Score; AYP: Adequate Yearly Progress.
As is seen in Table 16, with the exception of the root mean square residual, all goodness
of fit statistics were optimized to the best value attainable, indicating the model could not be
improved any further, therefore the data is not significantly different from the measurement
model (Wan, 2002). Consequently, the High School Performance measurement model will
remain unchanged albeit to avoid confusion, no longer marked as generic. No further revisions
were necessary as the model with the indicator variables LgFC, NFC, and AYP having optimized
goodness of fit within the High School Performance measurement model (Wan, 2002).
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Table 16: Goodness of Fit Indices for High School Performance Measurement Model
Test
Abbreviation
Value
Likelihood Ratio (chi-square/degrees of freedom)
χ2/df
****
Goodness of Fit Index
GFI
1.000
Adjusted Goodness of Fit Index
AGFI
****
Incremental Fit Index
IFI
1.000
Formed Fit Index
NFI
1.000
Comparative Fit Index
CFI
1.000
Root Mean Square Residual
RMSEA
.636

Generic Measurement Model of Social Disorganization
Figure 7 represents a generic model for the exogenous latent variable construct Social
Disorganization. As seen in Table 17, not all seven indicator variables had significant p-values
and there was a wide range of very weak to extremely high standardized regression coefficients.
Both Community Size (LgCS) and Ethnic Heterogeneity (EH) were not found to be significantly
associated with the Social Disorganization latent construct at the community-level, with p-values
of .443 and .537, respectively.

96

Figure 7: Generic Measurement Model of Social Disorganization with Parameter Estimates
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Table 17: Generic Measurement Model of Social Disorganization, Path Parameter Statistics
Unstd.
Standardized
Regression
Regression
Path Parameter
Coefficient S.E.
C.R. P-Value Coefficient
LgCS
Social Disorganization
.004
.005
.766
.443
.043
SqRM
Social Disorganization
.056
.012
4.664
***
.274
LgSPH
Social Disorganization
.024
.003
7.935
***
.514
LgLMI
Social Disorganization
.039
.004 10.046
***
1.005
LgLEA
Social Disorganization
.024
.003
7.935
***
.711
DS
Social Disorganization
1.000
****
****
***
.554
EH
Social Disorganization
-.002
.003
-.618
.537
-.035
Unstd.: Unstandardized; S.E. Standard Error; C.R.: Critical Ratio; LgCS: Log Community Size;
SqRM: Square Root Residential Mobility; LgSPH: Log Single-Parent Households; LgLMI: Log
Low Median Income; LgLEA: Log Low Education Attainment; DS: Divorced or Separated
Households; EH: Ethnic Heterogeneity.

Table 18 shows that none of the goodness of fit indices statistics were within acceptable
parameters (see Table 4), with a likelihood ratio of 22.234 that was significantly related to a
difference in the data and the model. This is not unusual when insignificant indicators are
included in a measurement model (Wan, 2002).
Table 18: Goodness of Fit Indices for Social Disorganization Generic Measurement Model
Test
Abbreviation
Value
2
Likelihood Ratio (chi-square/degrees of freedom)
χ /df
22.234 (p=.000)
Goodness of Fit Index
GFI
.791
Adjusted Goodness of Fit Index
AGFI
.582
Incremental Fit Index
IFI
.609
Normed Fit Index
NFI
.598
Comparative Fit Index
CFI
.606
Root Mean Square Error of Approximation
RMSEA
.260
Per Wan’s (2002) three step process, statistically insignificant indicators were removed
and modification indices showing significant correlations of the measurement errors of indicator
factor weights were correlated.
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Revised Social Disorganization Measurement Model
Revising the Social Disorganization model at the community-level required removing the
two statistically insignificant indicator variables LgCS and EH. Once removed, modification
indices showed two correlations between measurement errors of indicator factors weights. The
first significant correlation was between SqRM and LgLEA (-.61) with the second being between
LgLEA and DS (-.49). These two were correlated in the model. Figure 8 shows the revised
Social Disorganization measurement model.

Figure 8: Revised Measurement Model of Social Disorganization with Parameter Estimates
As is noted in Table 19, goodness of fit statistics were now all within acceptable
parameters and there are no significant differences found between the data and the model
demonstrated with a likelihood ratio of 1.880 and a p-value of .131. Scoring within highly
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acceptable parameters throughout the indices, consistent goodness of fit was found in absolute
factors (likelihood ratio and p-value; .993 GFI; .053 RMSEA), relative factors (.995 IFI; .990
NFI; .995 CFI) and parsimonious factors (.965 AGFI). No further revisions are necessary as the
model is optimized with the indicator variables SqRM, LgSPH, LgLMI, LgLEA and DS having
an acceptable goodness of fit in the Social Disorganization revised measurement model.

Table 19: Goodness of Fit Indices for Social Disorganization Revised Measurement Model
Test
Abbreviation
Value
Likelihood Ratio (chi-square/degrees of freedom)
χ2/df
1.880 (p=.131)
Goodness of Fit Index
GFI
.993
Adjusted Goodness of Fit Index
AGFI
.965
Incremental Fit Index
IFI
.995
Normed Fit Index
NFI
.990
Comparative Fit Index
CFI
.995
Root Mean Square Error of Approximation
RMSEA
.053

Table 20: Revised Social Disorganization Measurement Model with Path Parameter Statistics
Unstd.
Standardized
Regression
Regression
Path Parameter
Coefficient S.E.
C.R. P-Value Coefficient
SqRM
Social Disorganization
.055
.011
4.936
***
.317
LgSPH
Social Disorganization
.023
.003
8.732
***
.593
LgLMI
Social Disorganization
.028
.003 10.747
***
.863
LgLEA
Social Disorganization
.044
.004
9.852
***
.827
DS
Social Disorganization
1.000
****
****
***
.657
Unstd.: Unstandardized; SqRM: Square Root Residential Mobility; LgSPH: Log Single-Parent
Households; LgLMI: Log Low Median Income; LgLEA: Log Low Education Attainment; DS:
Divorced or Separated; S.E. Standard Error; C.R.: Critical Ratio.

Per Table 20, within the revised Social Disorganization measurement model, the highest
significant standardized regression coefficient was found with Low Median Income (LgLMI) at
.863. The second highest significant standardized regression coefficient was found with
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Education Attainment (LgLEA). Per the literature, it is not surprising that the two indicators
most strongly associated with social disorganization are socio-economic status factors (Alesina
& Ferrara, 2004; Davis-Kean, 2005; Dornbush, et al., 1991; Duncan, 1994; Fowler & Walberg,
1991; Johnson, Crosnow & Elder, 2001; Sirin, 2005; South & Lutz, 2003; White, 1982). The
lowest significant standardized regression coefficient is with Residential Mobility (SqRM) at .32.
Single-Parent Households (LgSPH) and Divorced or Separated (DS) standardized regression
coefficients are also significantly associated with the Social Disorganization measurement model
at .593 and .657, respectively. Optimizing both measurement models and following a reliability
analysis, a covariance structure model including the dichotomous Five Star School award
variable was created.

Reliability Analysis
Meeting an acceptable reliability threshold safeguards that each measurement model is
internally consistent as “an instrument cannot be valid unless it is reliable” (Tavakol & Dennick,
2011, p. 53). Cronbach’s alpha, expressed as a value between 0 and 1, was developed to
measure the internal consistency of a test or scale, in this case, a latent variable measurement
model (Cronbach, 1951). The value or threshold attained measures internal consistency, or the
extent to which the indicators measure the same latent variable construct. Verily, if the indicators
in the measurement model are correlated to one another, the value of alpha is increased (Tavakol
& Dennick, 2011). Cronbach’s alpha is generally used in place of multiple test and retest
reliability estimates as it is only one test administration and therefore a practical and prudent
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alternative (Tavakol & Dennick, 2011). The number of indicators, as well as their
interrelatedness and dimensionality affect the value of alpha (Cortina, 1993). Generally, an
acceptable Cronbach’s alpha value ranges from .70 to .95 (Tavakol & Dennick, 2011). Table 21
shows the results of the Cronbach’s alpha test for both the High School Performance
Measurement Model and Social Disorganization Measurement Model.
Table 21: Cronbach's Alpha Scores for Measurement Models
Cronbach's Alpha
Measurement Model
Based on Standardized Items
High School Performance
.824
Social Disorganization
.737

N of
Items
3
5

Acceptable
Threshold
.70 - .95
.70 - .95

The highest reliability score was a .824 Cronbach’s alpha value for the High School
Measurement Model. Therefore, the indicators representing FCAT scores, Non-FCAT scores and
Adequate Yearly Progress achieve a highly acceptable internal consistency. This is not
unexpected as the three State of Florida school performance measures are not theoretically
inconsistent. The lower reliability score of a Cronbach’s alpha value of .733 demonstrates a
slightly less internally consistent model for Social Disorganization albeit within the acceptable
threshold. The more disparate social disorganization indicators of residential mobility, singleparent households, low median income, low education attainment and divorced or separated
persons make the slightly lower score understandable however meeting an acceptable threshold
is highly encouraging. As both measurement models have met acceptable confirmatory factor
analysis and reliability values, the next section will discuss the covariance structure model.
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Covariance Structure Model
A covariance structure model was created to determine the associations between the
latent exogenous Social Disorganization and endogenous High School Performance constructs as
part of the phase one cross-sectional analysis at the community-level. In addition, any
moderating effect associated with satisfying the Five Star School Award (FSA) criteria for
family and community involvement is examined with social disorganization factors
simultaneously considered. When the revised and optimized Social Disorganization and High
School Performance measurement models were first combined into the covariance structure
model, new significant correlations existed between the measurement errors of indicator factors
weights for SqRM and LgSPH (-2.07) and LgSPH and LgLMI (-.466). Once these measurement
errors were correlated in the model, a revised covariance structure model was analyzed (see
Figure 9).

Figure 9: Covariance Structure Model
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As is seen in Table 22, all indicator path parameters, the latent variable path parameter,
and the moderating variable path parameter are significant below the .01 level. The path between
the latent exogenous variable Social Disorganization and latent endogenous variable High
School Performance has a standardized regression coefficient of -.720, implicating a significant
negative association between social disorganization and high school academic scores with a
medium to large effect size. The path between High School Performance and the Five Star
School award has a standardized regression coefficient of .124, implying a significant and
positive association between the family and community involvement policy measure and high
school academic performance albeit with a small to very small effect size (.124 standardized
regression coefficient).
Table 22: Covariance Structure Model with Path Parameter Statistics
Unstd.
Standardized
Regression
Regression
Path Parameter
Coefficient S.E.
C.R. P-Value Coefficient
High School Performance
Social
-.011
.001 -10.278 ***
-.720
Disorganization
High School Performance
FSA
.015
.005
3.030
.002
.124
LgFC
High School Performance
1.000
****
****
***
.982
NFC
High School Performance
1049.259 67.090 15.640
***
.740
AYP
High School Performance
.861
.073 11.844
***
.602
SqRM
Social Disorganization
.060
.012
4.995
***
.312
LgSPH
Social Disorganization
.030
.003
9.374
***
.708
LgLMI
Social Disorganization
.033
.003 11.351
***
.917
LgLEA
Social Disorganization
.045
.005
9.841
***
.766
DS
Social Disorganization
1.000
****
****
***
.600
FSA: Five Star School Award; LgFC: Log FCAT Score; NFC: Non-FCAT Score; AYP:
Adequate Yearly Progress; SqRM: Square Root Residential Mobility; LgSPH: Log Single-Parent
Households; LgLMI: Log Low Median Income; LgLEA: Log Low Education Attainment; DS:
Divorced or Separated; S.E. Standard Error; C.R.: Critical Ratio.
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Regression coefficients of the performance measurement indicators are all statistically
significant and positively associated with the commonly shared latent construct. For High School
Performance, FCAT Scores (LgFC) has the largest effect size (.982 standardized regression
coefficient), with Non-FCAT Scores (NFC) and Adequate Yearly Progress (AYP) having
medium to large effect sizes (.740 and .602 standardized regression coefficients, respectively).
Similarly, in the Social Disorganization latent variable, Low Median Income (LgLMI) has the
largest effect size (.917 standardized regression coefficient) with Residential Mobility again
showing the smallest effect (.312 standardized regression coefficient). In the covariance
structure model, a strong inverse relationship (- .72) was identified between social
disorganization and school performance, holding FSA constant.

Table 23: Goodness of Fit Indices for Covariance Structure Model
Test
Abbreviation
Likelihood Ratio (chi-square/degrees of freedom)
χ2/df
Goodness of Fit Index
GFI
Adjusted Goodness of Fit Index
AGFI
Incremental Fit Index
IFI
Normed Fit Index
NFI
Comparative Fit Index
CFI
Root Mean Square Error of Approximation
RMSEA

Value
3.355 (p=.000)
.952
.902
.957
.940
.957
.087

Goodness of fit indices are listed in Table 23 and show a moderate to adequate absolute
goodness of fit with an acceptable likelihood ratio but significant p-value (3.355, p=.000), an
acceptable goodness of fit index (GFI) of .952, and an adequate root mean square error of
approximation (RMSEA) statistic of .087. Relative goodness of fit statistics are all within
acceptable parameters (IFI = .957, NFI = .940, and CFI = .957). Parsimonious goodness of fit is
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acceptable with an adjusted goodness of fit index (AGFI) statistic of .902. The data adequately
fit the model.

Phase Two: District-Level Multiple Linear Regression Analyses
To measure social disorganization effect on high school academic performance at the
district-level, multiple linear regression analyses were conducted using SPSS 22 examining any
associations between social disorganization predictors and each of the dependent variables
measuring high school academic performance: school district average FCAT Scores (FC); NonFCAT Scores (NFC); and Adequate Yearly Progress (AYP) percentages. The choice of multiple
linear regression analyses rather than structural equation modeling was due to the small number
of units of analysis (29 school districts) at the district-level and the limitations described herein.
As noted, the U.S. Census Bureau (2011a; 2011b) SABS data is statistically limited to high
schools with traditional school area boundary catchment zones in the highest populated 29
counties (school districts) in Florida (see Appendices C and D). The minimum units of analysis
necessary for a structural equation model analysis similar to the community-level analysis
requires 152 units of analysis (see Chapter 3), and therefore far too large to consider at the
district-level. Table 24 reports the multiple linear regression analysis unstandardized coefficient,
standard error, standardized coefficient, p-value, t-value, 𝑅2 value, F test and Durbin-Watson
statistic.
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Table 24: Multiple Linear Regression Analyses at the District-Level
Social Disorganization Predictors and FCAT Scores (DV)
Indicator
Unst. Coeff.
Std. Error
Std. Coeff.
P-Value
t-Value
Constant
1315.519
149.999
.000
8.770
LgDP
-27.704
16.144
-.265
.101
-1.716
LgRM
-67.997
62.531
-.133
.289
-1.087
LgSPH
38.557
62.977
.089
.547
.612
SqLMI
-7368.188
2145.953
-.442
.002
-3.434
LEA
-830.690
372.076
-.293
.037
-2.233
DS
-1.199
1.656
-.090
.477
-.724
EH
-135.645
50.493
-.411
.014
-2.686
F = 12.725
Durbin-Watson = 2.177
𝑅2 = .809
Social Disorganization Predictors and Non-FCAT Scores (DV)
Constant
1090.233
282.124
.001
3.864
LgDP
-2.410
30.365
-.019
.937
-.079
LgRM
142.597
117.611
.233
.239
1.212
LgSPH
65.442
118.450
.126
.586
.552
SqLMI
-7317.135
4036.213
-.365
.084
-1.813
LEA
-736.690
699.819
-.216
.304
-1.053
DS
-3.354
3.115
-.210
.294
-1.077
EH
-171.986
94.970
-.434
.084
-1.811
2
F = 3.424
Durbin-Watson = 1.758
𝑅 = .533
Social Disorganization Predictors and Adequate Yearly Progress (DV)
Constant
1.242
.253
.000
4.907
LgDP
-.011
.027
-.073
.696
-.396
LgRM
.117
.105
.162
.280
1.108
LgSPH
.011
.106
.019
.916
.107
SqLMI
-3.719
3.620
-.158
.316
-1.027
LEA
-1.098
.628
-.274
.095
-1.749
DS
-.003
.003
-.182
.236
-1.220
EH
-.326
.085
-.699
.001
-3.823
2
F = 8.046
Durbin-Watson = 2.228
𝑅 = .728
DV: Dependent Variable; Unst. Coeff.: Unstandardized Coefficient; Std. Coeff.: Standardized
Coefficient; LgDP: Log District Population; LgRM: Log Residential Mobility; LgSPH: Log
Single Parent Household; SqLMI: Square Root Low Median Income; LEA: Low Education
Attainment; DS: Divorced or Separated; EH: Ethnic Heterogeneity.
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The social disorganization independent variables at the district-level were ran in multiple
linear regression analyses with FCAT Scores (FC) serving as the dependent variable in the first
analysis, Non-FCAT scores (NFC) serving as the dependent variable in the second analysis and
Adequate Yearly Progress (AYP) percentages serving as the dependent variable in the third
analysis.

FCAT Scores as a Dependent Variable
Two independent variables, Low Median Income (SqLMI) and Ethnic Heterogeneity
(EH), were found to be negatively associated with FC at the district-level (SqLMI -.442
standardized regression coefficient, p-value of .002; EH -.411 standardized regression
coefficient, p-value of .014). The R2 value .809 suggests a large proportion of variance is
explained by the model, however, limitations exist with regard to the small N (29) which will be
discussed in the following chapter. The Durbin-Watson score is adequate at 2.117, indicating the
error values for the regression do not have a substantial autoregression component.

Non-FCAT Scores as a Dependent Variable
The multiple linear regression produced no statistically significant relationship between
any of the combined social disorganization independent variables and the Non-FCAT Scores
(NFC) dependent variable at the district level.
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AYP as a Dependent Variable
Only one independent variable, Ethnic Heterogeneity (EH), was found to be negatively
associated with Adequate Yearly Progress (AYP) at the district-level (-.699 standardized
regression coefficient, p-value of . 001). The R2 value .728 suggests a medium to large
proportion of variance is explained by the model, however, limitations exist with regard to the
small N (29) which will be discussed in the following chapter. The Durbin-Watson score is
adequate at 2.228, indicating the error values for the regression do not have a substantial
autoregression component.

Hypothesis Testing
The following lists the three hypotheses proposed for the generic research model. The
results are presented as follows:

H1: Social Disorganization factors are negatively associated with Florida public high school
academic performance at the community-level.
This primary research hypothesis is strongly supported by the data. Based on the
covariance structure model results, there was a relatively large statistically significant negative
association (-.72, standardized regression coefficient with a p-value < .000) between the social
disorganization construct and the high school performance construct at the community-level. It
should be noted that two social disorganization variables were eliminated from the Sampson and
Groves (1989) model to create this study’s revised exogenous measurement model due to
goodness of fit issues, those being Community Size (or urbanization) and Ethnic Heterogeneity.
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H2: Satisfaction of the Florida Five Star School Award criteria is positively associated with
Florida public high school academic performance at the community-level with social
disorganization factors simultaneously considered.
This research hypothesis is also supported. Based on the covariance structure model
results, there was a small but statistically significant positive association (.124 standardized
regression coefficient with p-value of .002) between satisfying the Five Star School award
criteria and high school academic performance at the community-level with social
disorganization factors simultaneously considered.

H3: Social disorganization predictors are negatively associated with school district Florida
public high school FCAT score averages, Non-FCAT score averages and AYP percentage
averages.
The research hypothesis is partially supported. Two social disorganization indicators at
the district-level as independent variables, Low Median Income (SqLMI) and Ethnic
Heterogeneity (EH), were found to be negatively associated with the dependent variable FCAT
Scores (FC) ( SqLMI -.442 standardized regression coefficient with p-value of .002; EH -.411
standardized regression coefficient with p-value of .014) with an overall model R2 of .809.
However, no statistically significant association was found between FCAT Scores (FC) and the
other social disorganization district-level aggregate independent variables; District Population
(LgDP), Residential Mobility (LgRM), Single-Parent Households (LgSPH), Low Education
Attainment (LEA), and Divorced or Separated (DS). None of the social disorganization
indicators at the district-level as independent variables were found to be significantly associated
with the dependent variable Non-FCAT Scores (NFC). Only one social disorganization variable,
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Ethnic Heterogeneity (EH), was found to be negatively associated with Adequate Yearly
Progress (AYP) at the district-level (-.411 standardized regression coefficient with p-value of
.014) with an overall model R2 of .728. However, no statistically significant association was
found between district-level AYP score averages (AYP) and the other social disorganization
district-level aggregate independent variables; District Population (LgDP), Residential Mobility
(LgRM), Single-Parent Households (LgSPH), Low Median Income (SqLMI), Low Education
Attainment (LEA), and Divorced or Separated (DS).
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CHAPTER 5: SUMMARY AND CONCLUSIONS
This chapter discusses the major findings in relation to the research questions and
hypotheses proposed. First, research questions and supporting hypotheses are examined and
contributions discussed. Following this, limitations and recommendations of the research are
proposed. Finally, policy implications will be addressed followed by the future research
direction.

Research Question 1: How are Social Disorganization factors associated with Florida public high
school academic performance at the community-level and how does that interrelate with current
policy initiatives?
The findings indicated broad support for a negative association between social
disorganization and traditional public high school academic performance at the community-level.
Supporting the first hypothesis, the latent construct of social disorganization has a strong
negative association with the latent variable representing Florida public high school
performance. This is manifest with a -.72 standardized regression coefficient that is statistically
significant at the .000 level. This large, significant finding reinforces concern over the
relationship between community well-being and school performance. As the academic
achievement gap grows between at-risk social disorganization communities and more affluent
areas, the attention to community provided by this analysis is prescient (Coley & Baker, 2013).
Examining the phase one structural equation model (SEM) results at the communitylevel, socio-economic status indicators low median income (.92 standardized regression weight)
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and low education attainment (.77 standardized regression weight) had the two largest effect
sizes in the social disorganization model, both significant at the .000 level. The significant
association with the social disorganization construct and a resulting neighborhood deprivation
including a negative school academic performance effect supports the literature (Alesina &
Ferrara, 2004; Astone & McClanahan, 1991; Astone & McLanahan, 1994; Amato & Keith,
1991; Baker et al, 2001; Bursik, 1988; Davis-Kean, 2005; Dornbush et al., 1991; Duncan, 1994;
Fowler & Walberg, 1991; Johnson, 2012; Johnson, Crosnow & Elder, 2001; Law & Quick,
2012; Kubrin & Weitzer, 2003; Patterson, 1991; Sampson & Groves, 1989; Sirin, 2005; South &
Lutz, 2003; White, 1982).
Family disruption indicators single-parent and divorced or separated households both had
a medium to large effect (.71 and .60 standardized regression weights, respectively) on the social
disorganization latent variable and were significant at the .000 level. The final social
disorganization indicator, residential mobility, had a significant small to medium effect size as
part of the social disorganization model (.31 standardized regression weight). This is consistent
with social disorganization research that suggest the inclusion of this variable is warranted,
especially coupled with family disruption and social disorganization constructs associated with
neighborhood deprivation (Astone & McLanahan, 1994; Sampson & Groves, 1989; Shaw &
McKay, 1942; Tucker, Marx, & Long, 1998; Scanlon & Devine, 2001). In addition, this study
supported research showing a negative association with residential mobility and lower FCAT
achievement (Mullins, 2011).
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The Cronbach’s alpha reliability test values for both latent variables were within
acceptable levels (Tavakol & Dennick, 2011; see Table 23). As was described, the value or
threshold measured internal consistency and the extent to which the indicators measure the same
latent variable construct. In finding a strong, significant association between social
disorganization and lower high school academic performance, this study strengthened the
argument for an ecological approach and perspective to education performance analysis,
especially relating to policy (Bronfenbrenner, 1986; Duncan, 1964). In tandem, the results
further emphasized the need for a community-based methodology within a school academic
performance analysis (Garner & Raudenbush, 1991; Levanthal & Gunn, 2000; Johnson, 2012).
The importance of community well-being as exemplified in this research reinforces the
urgency for addressing the neglect of a community-based instrument as well as the unintended
consequences of state and national education policy that may exacerbate social disorganization
factors within the community (Amrein-Beardsley, 2009; Bogin & Ngyuen-Hoang, 2014;
Chakrabarti & Schwartz, 2013; Wei, 2012; Weinbaum, Weiss and Beaver, 2012). Simply, if
community comprises the prominent factors in the aggravation or improvement of high school
academic performance, the neglect of a community-based approach or producing harm to the
community itself is highly counterproductive and in some cases, the engine of its ultimate
failure.
Based on the results herein, the success of embracing and integrating community within a
public high school is rational and promising. The opposite of which, disregarding school
attendance boundary areas through “school choice” measures may prove harmful to at-risk
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schools, accelerating failure (Lavery & Carlson, 2015; Sirer et al., 2015). While many states and
districts have embraced charter schools in this capacity, the neglect of a comprehensive
community focus may prove futile with market-based open enrollment charter initiatives
weeding out poor performing students and communities (Carnoy et al., 2005; Hong & Choi,
2015; Mills, 2013; Zimmer and Buddin, 2006).
Finally, this community-level investigation bridged the gap in the literature with a
community-based perspective and analysis in a large, diverse state. The study concluded that
social disorganization – specifically residential mobility, the percentage of single-parent
households, low median income, low education attainment and the percentage of divorced or
separated persons – within a community had a relatively strong, negative association with
academic performance in traditional public high schools in Florida for the 2010-2011 school
year. The need for a community-based solution to a community-based problem is now
imperative.

Contributions
The community-level research supports and expands upon existing neighborhood effect
on public school performance literature (Appleyard et al., 2005; Astone & McLanahan, 1991;
Garner & Raudenbush, 1991; Levanthal & Gunn, 2000; Johnson, 2012; McCoy et al., 2013). In
addition, linking social disorganization as a construct to negative academic performance affirms
previous research (Baker et al., 2002; Bowen, Bowen & Ware, 2002; Madyun, 2011) and
enlarges upon the definition of neighborhood dysfunction to include education, thereby partially
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validating past research if including the broader perspective (Brusik, 1988; Kubrin & Weitzer,
2003; Law & Quick, 2012; Patterson, 1991; Sampson & Groves, 1989; Shaw & McKay, 1942).
This study was unique in that it utilized U.S. Census Bureau (2011a) and Florida Department of
Education (2014) data to study social disorganization and academic performance at the school
attendance boundary area or community-level. All available traditional public high school and
respective community data available for the State of Florida was included. The unit of analysis
being high schools rather than third through eighth grade students or schools also provided a
rarely examined perspective for education or policy research.

Research Question 2: How is receiving the Five Star School award by satisfying all state family
and community involvement criteria associated with Florida public high school performance
with social disorganization factors simultaneously considered?

The findings indicate a significant positive association between a family and community
involvement policy initiative and respective high school academic performance. Supporting the
second hypothesis, receiving the Florida Five Star School award recognizing the complete but
subjective satisfaction of family and community involvement criteria (see Appendix A) has a
small but significant association with the latent variable representing Florida public high school
academic performance. Based on the covariance structure model results, there is a small but
statistically significant positive association (.124 standardized regression weight) between the
Five Star School Award moderating variable and traditional Florida high school academic
performance at the community-level with social disorganization factors simultaneously
116

considered. This study concludes that family and community involvement recognition –
specifically by satisfying the Florida Five Star School award criteria – was positively associated
with academic performance in traditional school public high schools in Florida for the 20102011 school year with social disorganization factors simultaneously considered.
The significant and positive results of a family and community involvement component
reinforced the utility of a community-based policy solution. Additionally, the potential collective
efficacy or social capital created by such an endeavor showed expected positive results in a
community-based capacity (Putnam, 1993; Sampson et al., 1997). The results affirm that a
family and community involvement strategy in a community-based policy initiative proved
helpful in combating social disorganization negative effect on high school academic
performance.

Contributions
The findings support literature suggesting a positive relationship between family and
community involvement and student academic achievement (Epstein et al., 2002; Fan & Chen,
2001; Henderson & Mapp, 2002; Jeynes, 2007; Jeynes, 2012; Spera, 2005; Steinberg, et al.
1992). The opportunity to investigate a state-wide policy initiative promoting a family and
community involvement associated with the validated Epstein et al. (2002) model was also
unique. More importantly, the ability to analyze family and community involvement while
simultaneously considering social disorganization was the first known study to the researcher.
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Research Question 3: How are social disorganization factors associated with Florida public high
school performance at the district-level (county) and how does that contrast with social
disorganization manifestation at the community-level?
In the phase two analysis, associations between social disorganization factors and Florida
public high school performance were measured at the district-level using aggregated communitylevel data from three Florida Department of Education (2011a; 2011b) academic performance
measures for the 2010-2011 school year: FCAT scores, Non-FCAT scores and Adequate Yearly
Progress (AYP). Only two factors, low median income and ethnic heterogeneity, were found to
have a significant association with district-level academic performance, both negative. Family
disruption factors were not found significant in the combined model. .
While social disorganization as theoretically implied by the research at the communitylevel was not supported at the district-level (Sampson & Groves, 1989); two social
disorganization factors were found significant despite an expected regression to the mean. The
most significant district-level negative effect of these two factors manifested with standardized
testing averages (FCAT scores), while Non-FCAT scores measuring graduation rates and college
preparatory attendance among other measures was not found to be associated with social
disorganization at the district-level. AYP results being more similar to FCAT score results was
not surprising as the AYP measurement uses FCAT score data in its analysis (Florida
Department of Education, 2011b).
It was important to provide empirical evidence emphasizing the different and/or diluted
manifestation of social disorganization between the community and district levels. Especially
important for policy-makers at the district and state levels, this study reinforced the need for a
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multi-level measure to best ascertain the nuanced impact of social disorganization and
community on academic achievement. The significance of the district-analysis was twofold: first,
the manifestation of social disorganization is more evident at the community-level; and second,
some elements, such as ethnic heterogeneity, may not show effect in the current
operationalization due at the community-level due to the potential for homogeneity at the
community-level. As levels of segregation were still prevalent in Florida for the 2010-2011
school year, concentrated poverty and minority communities at the school attendance boundary
or community-level, would show very low rates of ethnic heterogeneity unless aggregated to the
larger district or county level.

Contributions
The district-level research showed the potential for community-level social
disorganization harmful effect on public school performance to go undetected if analyses are
restricted to district-level data. This is important to consider as much of the policy creation and
decision making takes place at the school district or state levels. Again, this study was unique in
that it utilized U.S. Census Bureau (2011a) and Florida Department of Education (2014) data
together to contrast social disorganization and Florida high school academic performance at the
community-level with aggregated district-level averages. All available traditional public high
school and respective community data available for the State of Florida was included. The unit of
analysis was unique in that school district high school performance averages rather than similar
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grade 3-8 students or schools provided a rarely examined perspective for education or policy
research.

Limitations and Recommendations

It has been noted that two Sampson and Groves (1989) social disorganization factors
were not found to be significant in the generic social disorganization model, those being
community-size (as the urban proximity indicator) and ethnic heterogeneity. While optimizing
goodness of fit indices, those variables were not included in the revised models. Some
assumptions might be made as to why the community size (urban proximity component) and
ethnic heterogeneity indicator variables were not found significant in the social disorganization
model at the community-level. First, as noted in the earlier chapters, limitations exist with regard
to the exclusion of low population counties in the SABS data (see Appendix C). This coupled
with the lack of density calculations available at the community-level may have diminished any
noticeable effect of urbanization. In addition, the potential for a parabolic or threshold effect
relating to a preferential range of population needs to be addressed. Also noted earlier, the
potential for homogeneity at the community-level may diminish a detectable effect of ethnic
heterogeneity as many minority and low income students attend schools with similar populations
(Coley & Baker, 2013).
Limitations with SEM and achieving optimal goodness of fit parameters will result in the
occasional removal of variables. This research does not necessarily suggest that no negative
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association between social disorganization and urban proximity or ethnic heterogeneity exists at
the community-level. The preponderance of evidence in the goodness of fit indices indicated
adequate goodness of fit for the model.
This study recommends that further research include more nuanced minority composition
characteristics and if possible, community density if practicable. In addition, research
extrapolating per pupil funding at the high school level with and without the inclusion of
supplemental resource needs to lessen the potential effect of neighborhood deprivation is
advised.
Limitations existed with regard to measuring partial or nuanced satisfaction of the family
and community involvement criteria, thereby constraining comprehensive conclusions on the
policy initiative. Further limitations existed with regard to measuring partial involvement,
implementation or completion of the Five Star School award criteria, or other involvement
criteria previously existing in the school district separate from the state award. For example, a
high performing district such as Palm Beach County might decide to forgo application to be a
Five Star School due to believing their own family and community involvement policy initiatives
and/or culture were superior to the state model. Similar limitations existed as with the other
components of the community-level SEM analysis as stated in the previous section. The lack of
availability to a consistent and nuanced funding breakdown at the district or high school level is
problematic in deducing whether some districts or high schools chose to not participate in the
Five Star School award application process for financial reasons.
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It is recommended that future research includes a comprehensive multifaceted internal
and external measure of family and community involvement, whether through the Five Star
School award or not. This would ensure the ability of administrators to best prescribe the most
effective intervention in a variety of community circumstances.
As has been expressed throughout the study, the school districts included in the SABS
data were limited due to size and significance constraints to 29 of 67 total school districts or
counties. While the vast majority of the state population is represented (see Table 1), rural effect
is diminished. The low N of 29 also was problematic as recommended sample sizes of 50, 100 or
variations thereof were not adequately met for a reliable multiple linear regression analysis
(Green, 1991). This limitation makes any correlation found vulnerable to Type I and Type II
errors and R2 values suspect (Green, 1991). It is recommended that further district-level research
include a larger sample size perhaps derived from states with similar school district (county)
structure as well as NCLB inspired school academic performance grading. In light of the
movement toward open enrollment, the number and type of students relocating to schools outside
of their traditional districts should be a component of future analysis.

Policy Implications
The impetus of this study was to measure the impact of community-level social
disorganization on traditional high school performance. Along with this imperative, a mutable
policy construct addressing a possible remedy to at-risk communities was examined. The
findings demonstrated a large negative association with social disorganization and high school
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academic performance but a small and significant positive effect from a family and community
involvement policy initiative.
Not surprisingly, the perception of a strong community among students has been found to
decrease delinquent behavior in schools (Battistich & Hom, 1997). National and state NCLB
have been found to offer little capacity for effective ecological intervention (Bogin & NgyuenHoang, 2014; Wei, 2012; Weinbaum, Weiss & Beaver, 2012) with unintended consequences
ranging from lower property values in an at-risk community, reclassifying students into
inappropriate special education programs and further propagating higher performance student
attrition (Amrein-Beardsley, 2009; Bogin & Ngyuen-Hoang, 2014; Chakrabarti & Schwartz,
2013). These factors may accelerate public high school failures and at the least exacerbate social
disorganization within the community. The negative effect of social disorganization on academic
achievement found in this study makes such a policy approach counterproductive at best.
It is important to note the capacity for change at the state, district and school level. While
actions designed to integrate schools and lessen possible impacts of concentrated social
disorganization may be possible, the political and practical application is generally beyond the
will of reform at any meaningful level. Understanding the importance of place in community
sustainability, this research suggests an approach that embraces and accounts for the
environment of a traditional high school attendance boundary area in its approach.
As seen in previous attempts at relocation of at-risk populations, the practical
implementation does not always foster the intended results (deSouza Briggs, Popkin, & Goering,
2010; Sanbonmatsu et al, 2006). The recognition of the importance of place embraces a focus on
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a prescriptive holistic approach to neighborhood factors from multiple levels of government and
organizations from within and outside the community (Dreier, Mollenkopf, & Swanstrom, 2014).
Addressing the importance and utility of collective efficacy and social capital may provide a
basis from which social disorganization factors may be moderated (Putnam, 1993; Sampson,
2012; Sampson, Raudenbush & Earls, 1997). Ultimately, this research suggests such a situation
practicing the above may produce improved school performance.
While a relatively recent phenomenon, school choice or open enrollment initiatives such
as Florida House (2016) Bill 7029 designed to allow parents to move students to a school outside
the community or district, has the been found to have the effect of weeding out higher
performing and higher socio-economic status students from at-risk schools (Lavery & Carlson,
2015; Sirer et al., 2015). While not all experiments in open enrollments exhibited this behavior,
school performance did not always improve (Hong & Choi, 2015). As open enrollment at the
inter-district level has just begun in Florida, it will be interesting to see if the movement of better
resourced students to higher performing schools exacerbates existing social disorganization
effect in their communities.
The findings suggest implementing a family and community involvement infrastructure,
even at the state-level, moderates social disorganization factors at the community-level thereby
increasing school performance. Applying an Epstein School-Family-Community partnership
inspired format is supported by the literature (Epstein et al., 2002; Fan & Chen, 2001; Henderson
& Mapp, 2002; Jeynes, 2007; Jeynes, 2012) with careful attention paid to the variance of
implementation based on socio-economic and cultural differences (Bowers & Griffen, 2011).
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Also, by creating such infrastructure it could be argued that social capital and collective efficacy
is strengthened in the community beyond an educational benefit (Putnam, 1993; Sampson, 2012;
Sampson, Raudenbush & Earls, 1997).
Finally, recognizing the predominant negative effect on public high school academic
performance from low socio-economic status and family disruption, innovative policy measures
must be considered addressing possible at-risk communities beyond the current Title 1 measures.
Offering a comprehensive vocational alternative at the high school level may be one option along
with a specialized college preparatory “No Excuses” or “Herculean Efforts” model
implementation in traditional high schools in at-risk communities (Cullen et al., 2013). Studies
have shown significant, positive results from the structural changes common in the
aforementioned preparatory models such as longer school days, longer school years and high
behavioral standards (Abdulkadiroglu et al., 2011; Angrist, Pathak, & Walters, 2011; Dobbie &
Fryer, 2011).
Additional structural changes that recognize the need for support systems addressing
cultural difference of class should also be integrated to allow for the improvement of poor
academic behaviors common in at-risk schools as well as consistent subject scheduling with
students grouped based on skill rather than year, parent training in person and by video, and team
interventions with parent(s) or guardian(s) that include all teachers at once (Payne, 2006).
It is important to note the differences in community and district level social
disorganization factor significance and recognize that a “one size fits all” prescription for an
entire district or state may not be the most effective method for combating the inequity and the
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achievement gap. Outside of certain practices shown to be effective in a minority of charter
schools (Abdulkadiroglu et al., 2011; Angrist, Pathak, & Walters, 2011; Dobbie & Fryer, 2011),
comprehensive studies on charter school effectiveness show mixed or negative results (Carnoy et
al., 2005; Mills, 2013; Zimmer & Buddin, 2006). Employing successful techniques found in
successful charter schools to traditional high schools allows for the possible benefit while
retaining the importance of a community-based solution to social disorganization at the
education level and beyond.

Future Research
This research would benefit from a longitudinal component to better measure social
disorganization effect and family and community involvement policy efficacy over time. In
addition, research could be conducted in other states measuring similarities and differences with
the state of Florida while using similar national SABS data, state performance data and SEM
modeling. Integrating revised state academic grading systems will need to be addressed in
Florida as well as other states embracing diverse and evolving performance measures and
priorities. Research into variations in social disorganization effect at the elementary and middle
school level are also possible provided SABS data is available at the generally smaller
geographic catchment areas.
Future research should include more nuanced minority composition characteristics as part
of the measure of ethnic heterogeneity and a community density measure if practicable. Funding
research is advised ascertaining whether the equity of per pupil funding at the high school level
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is equitable as well as assessing supplemental resource needs required to lessen the potential
effect of neighborhood deprivation. Further research should also include a more comprehensive
and multifaceted internal and external measure of family and community involvement, whether
through the Five Star School award or the Epstein School-Family-Community model. This
would allow administrators to best prescribe the most effective intervention in a variety of
community circumstances.
District-level research would benefit from a larger sample size possibly from multiple
states with a similar school district (county) structure and NCLB inspired school academic
performance grading system. With the passage of Florida House (2016) Bill 7029 allowing open
enrollment, the number and type of students relocating to traditional or charter schools outside of
their district should be researched as well as any exacerbating social disorganization effect on
academic performance at the community-level. If consistent and significant SABS data becomes
available for the 37 counties not included in the study, their inclusion would provide a more
robust study of differences in rural and urban social disorganization effect on academic
performance.
This researcher plans to create a national model based on this operationalization albeit
with modifications as indicated above. Plans to submit for grants toward that end should
commence in the next year. Similar national No Child Left Behind reporting and policy
implementations as well as SABS data available for all 50 states makes this opportunity
achievable. As the sample size will greatly increase, both community-level and district-level
analyses will be performed using SEM for a national analysis. Community-level analyses for
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each state will also be conducted using SEM. It is hoped that a clearer and more profound
measurement of community-level social disorganization will occur as well as the basis for a
more nuanced policy intervention explored for at-risk schools.
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APPENDIX A: 2014-2015 FIVE STAR SCHOOL AWARD APPLICATION
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APPENDIX B: 2010-2011 FIVE STAR SCHOOL AWARD WINNERS
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APPENDIX C: LIST OF SCHOOL DISTRICTS WITH SABS DATA
LIMITATIONS
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List of 29 School Districts (Counties) included in study with SABS data

School District (County) Included
Alachua
Bay
Brevard
Broward
Clay
Collier
Duval
Escambia
Hernando
Hillsborough
Lake
Lee
Leon
Manatee
Marian
Miami-Dade
Okaloosa
Orange
Osceola
Palm Beach
Pasco
Pinellas
Polk
Santa Rosa
Sarasota
Seminole
St. Johns
St. Lucie
Volusia

2010 Census Population (U.S. Census Bureau, 2016)
247,336
168,852
543,376
1,748,066
190,865
321,520
864,263
297,619
172,778
1,229,226
297,052
618,754
275,487
322,833
331,298
2,496,435
180,822
1,145,956
268,685
1,320,134
464,697
916,542
602,095
151,372
379,448
422,718
190,039
277,789
494,593

Total Population

16,940,650
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List of 38 School Districts excluded in study due to no SABS data

School District (County) Excluded
Baker
Bradford
Calhoun
Charlotte
Citrus
Columbia
DeSoto
Dixie
Flagler
Franklin
Gadsen
Gilchrist
Glades
Gulf
Hamilton
Hardee
Hendry
Highlands
Holmes
Indian River
Jackson
Jefferson
Lafayette
Levy
Liberty
Madison
Martin
Monroe
Nassau
Okeechobee
Putnam
Sumter
Suwannee
Taylor
Union
Wakulla

2010 Census Population (U.S. Census Bureau, 2016)
27,115
28,520
14,625
159,978
141,236
67,531
34,862
16,422
95,696
11,549
46,389
16,939
12,884
15,863
14,799
27,731
39,140
98,786
19,927
138,028
49,746
14,761
8,870
40,801
8,305
19,224
146,318
73,090
73,314
39,996
74,364
93,420
41,551
22,570
15,535
30,776
143

Walton
Washington

55,043
24,896

Total Population

1,860,600
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APPENDIX D: LIST OF EXCLUDED HIGH SCHOOLS IN 29 SCHOOL
DISTRICTS (SABS DATA, MAGNET, AND OPEN ENROLLMENT OR
CHARTER LIMITATIONS)
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List of Public High Schools excluded in study from SABS data limited 29 School Districts,
2010-2011 School Year

School District (County) Included
Alachua
Bay
Brevard

Broward

Clay
Collier
Duval

Escambia
Hernando
Hillsborough

Lake
Lee
Leon
Manatee
Marian

Public High School(s) Excluded in Study
none
Newport Bay Charter
Edgewood Junior/Senior High*
Westshore Junior/Senior High
Odyssey Charter
Atlantic Technical Center
City of Pembroke Pines Charter High School
Nova High School
Somerset Academy Charter High School
Somerset Arts Conservatory
Pompano Beach High School
William T. McFatter Technical High School
Oakleaf High School
Lorenzo Walker Technical High School
Everglades City School
Atlantic Coast High School
Douglas Anderson School of the Arts
Frank H. Peterson Academy
Paxon School for Advanced Studies
Stanton College Preparatory High School
West Florida Technical High School
Nature Coast Technical High School
Weeki Wachee High School
Blake Magnet High School
King High School*
Brookes DeBartolo Collegiate High School
Newpoint Charter High School
Seminole Heights Charter School
Tampa Bay Technical High School
none
Gateway Charter High School
Mariner High School
SAIL
Manatee School for the Arts
State College of Florida Collegiate School
Francis Marion Military Academy
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Miami-Dade County

Okaloosa

Orange

Osceola
Palm Beach

Academy of Arts and Minds
Alonzo and Tracy Mourning High School
City of Hialeah Education Academy
Coral Reef Senior High School*
Design and Architecture High School
Doral Academy Charter High School
International Studies Charter High School
Law Enforcement Officers Memorial High School
Lawrence Academy Senior High School
Mast Academy
Mater Academy Charter High School
Mater Academy East Charter High School
Mater Academy Lakes High School
Mater Performing Arts and Entertainment Academy
Miami Community Charter High School
Miami Lakes Educational Center
New World School of Arts
Pinecrest Preparatory Academy Charter High School
Robert Morgan Education Center
Somerset Academy Charter High School
Terra Environmental Research Institute
William H. Turner Technical Arts High School
Young Men’s Preparatory Academy
Collegiate H. S. at Northwest Florida State College
Emerald Coast Career Institute
Liza Jackson Preparatory School
Aloma High Charter
Central Florida Leadership Academy Charter
Chancery High Charter
Cornerstone Charter Academy High School
Legacy High Charter
Northstar High Charter
Prosperitas Leadership Academy Charter
Sheeler High Charter
New Dimensions High School
Professional and Technical High School
Suncoast Community High School*
Alexander W. Dreyfus, Jr. School of the Arts
Everglades Preparatory Academy
G-Star School of the Arts
Inlet Grove Community High School
Leadership Academy West
147

Pasco

Pinellas
Polk

Santa Rosa
Sarasota

Seminole
St. Johns
St. Lucie
Volusia

Riviera Beach Maritime Academy
South Tech Academy
Fivay High School
Energy and Marine Center
Harry Schwettman Education Center
James Irvin Education Center
Marchman Technical College
Moore-Midkens Education Center
Osceola Fundamental High
St. Petersburg High School
Chain of Lakes Collegiate High
Davenport Community Campus
Doris. A. Sanders Learning Center
Gause Academy
Harrison School for the Arts
Jean O’Dell Learning Center
Karen M. Siegel Academy
Maynard A. Traviss Career Center
McKeel Academy of Tech
New Beginnings High
Gulf Breeze High School
Pineview School*
Sarasota Military Academy*
Suncoast Polytechnical High School
Crooms Academy of Information Technology
Academy for Business and Leadership Education
Fort Pierce Magnet School of the Arts
Lincoln Park Academy
University High School

Total Public High Schools Excluded
Total Five Star Schools(*) Excluded

105
6
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List of 38 School Districts Public High Schools Excluded in Study, 2010-2011 School Year

School District (County) Excluded
Baker
Bradford
Calhoun
Charlotte

Citrus

Columbia
DeSoto
Dixie
Flagler
Franklin
Gadsen
Gilchrist
Glades
Gulf
Hamilton
Hardee
Hendry
Highlands

Holmes

Public High School(s) Excluded in Study
Baker County Senior High
Bradford High School
Blountstown High School
Charlotte High School
Edison Collegiate High School
Lemon Bay High School
Port Charlotte High School
Citrus High School
Crystal River High School
Lecanto High School
Columbia High School
Fort White High School
DeSoto County High School
Dixie County High School
Flagler-Palm Coast High School
Matanzas High School
Franklin County K-12 School
Apalachicola Bay Charter School
East Gadsen High School
West Gadsen High School
Bell High School
Trenton High School
Moore Haven Junior/Senior High School
Port St. Joe High School
Wewahitchka High School
Hamilton County High School
Hardee Senior High School
Clewiston High School
LaBelle High School
Avon Park High School
Lake Placid High School
Sebring High School
Highlands Career Institute
Bethlehem High School
Holmes County High School
Ponce de Leon High School
Poplar Springs School
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Indian River

Jackson

Jefferson
Lafayette
Levy

Liberty
Madison
Martin

Monroe

Nassau

Okeechobee
Putnam

Sumter

Suwannee
Taylor
Union
Wakulla

Walton

Indian River Charter High School
Sebastian River High School
Vero Beach High School
Cottondale High School
Graceville High School
Malone High School
Marianna High School
Sneads High School
Jefferson County Middle/High School
Lafayette High School
Bronson Middle/High School
Chiefland Middle/High School
Williston High School
Liberty County High School
Madison County High School
Jensen Beach High School*
Martin County High School*
South Fork High School*
Coral Shores High School
Key West High School
Marathon Middle/High School*
Fernandina Beach High School
Hilliard Middle/High School
West Nassau County High School
Yulee High School
Okeechobee High School
Crescent City Junior/Senior High School
Interlachen High School
Palatka High School
South Sumter County High School
Villages Charter School
Wildwood Middle/High School
Branford High School
Suwannee High School
Taylor County School
Union County High School
Wakulla Coast Charter School of the Arts, Science
and Technology
Wakulla High School
Freeport Senior High School
Paxton School
150

Washington
Other Public High Schools Not
Included

South Walton High School
Walton High School
Chipley High School
Vernon High School
A.D. Henderson University School
Florida A&M University Research School
Florida School for the Deaf and Blind
Florida State University School
Palm Pointe Educational Research School
P.K. Yonge Research School

Total Public High Schools Excluded
Total Five Star Schools(*) Excluded

87
4
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APPENDIX E: DESCRIPTIVE STATISTICS OF TRANSFORMED
VARIABLES
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Descriptive Statistics of the Transformed Variables at the Community-Level
N
Minimum
Maximum
Mean
Std. Deviation
LgFC
315
2.55
2.82
2.6855
.05354
LgCS
315
3.25
5.40
4.6964
.26855
SqRM
315
2.12
6.69
4.0377
.61943
LgSPH
315
.81
1.63
1.2250
.13935
LgLMI
315 -5.0260673
-4.3567523
-4.690434977
.1168742325
LgLEA
315
-1.788875
-.591065
-1.37181236
.190790225
LgFC: Log FCAT Score; LgCS: Log Community Size; SqRM: Square Root Residential
Mobility; LgSPH: Log Single-Parent Households; LgLMI: Log Low Median Income; LgLEA:
Log Low Education Attainment.

Descriptive Statistics of the Transformed Variables at the District-Level (County)
N
Minimum
Maximum
Mean
Std. Deviation
LgDP
29
5.18005
6.39732
5.6321415
.32911236
LgRM
29
1.11096
1.40071
1.2253672
.06757952
LgSPH
29
1.04336
1.40561
1.2089132
.07984811
SqLMI
29
.06147
.07065
.0674246
.00206726
LgFSA
14
-.77728
.00000
-.3758283
.23385106
LgDP: Log District Population; LgRM: Log Residential Mobility; LgSPH: Log Single-Parent
Households; SqLMI: Square Root Low Median Income; LgFSA: Log Five Star School Award.
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